A. Supplementary Figures
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Figure A.1: Predictions against observations for the Bedford Ouse at Roxton from the test set of
predictions generated using different feature sets as inputs to the Multi-Layer Perceptron (MLP) model.
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Figure A.4: Predictions against observations for the Findhorn at Shenachie from the test set of predictions
generated using different feature sets as inputs to the Multi-Layer Perceptron (MLP) model.
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