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CONTRIBUTION TO THE LITERATURE ON VIOLENCE AGAINST WOMEN IN
POLITICS
The existing literature on violence against women in politics is growing rapidly. Because of that, it isn’t possible
to provide a comprehensive overview of the relevant research in a short-format paper. As such, it is possible that
for some readers our paper leaves unanswered what our study contributes to this field. To supplement the shorter
literature review presented in the paper, we have conducted a more extensive literature review presented here in
the appendix.

We took three sources—Thomas et al. (2019), Krook (2020), and Herrick et al. (2021)—as starting points
for an extensive snowball-style review of the VAWIP literature. We provide a list of the resulting 87 books and
articles we identified and reviewed at the bottom of this appendix.1

We focused our review on three types of sources. First, we looked for theory-oriented pieces, such as Piscopo
(2016), Bardall et al. (2020), and Krook’s (2020) book, which would give us a rich sense of current debates
and developments in the field. Second, we looked for conceptualization- and measurement-oriented pieces,
such as Ballington (2018) and Thomas et al. (2019), which would help us situate our concepts and measures
within this field. And third, we sought out empirically-oriented pieces that examine violence, harassment, and
incivility expressed toward women in politics (e.g., Bjarnegård et al. 2020; Håkansson 2019; Prillaman 2024).

1Note that the reference list also includes literature cited in this supplement, like Pitkin (1967), and so adds to more than 87 books and articles.
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Yan and Bernhard

This branch of the literature is exceptionally extensive, covering everything from the use of rape as a tool of
war to misogynistic tweets toward political activists to targeted killings of politicians. As a result, we paid
particular attention to how such violence, harassment, and incivility was expressed through digital fora such as
texts, emails, phone calls, social media posts, and written comments. While our resulting list does cover a fair
bit of ground, we could not possibly hope to fairly treat such a large literature in a short-format article, and so
we have prioritized those pieces that appear to be “near neighbors” of our topic (albeit ones that cover many
different countries, political actors, and types of violence).2

In addition to surveying the scholarship on VAWIP, we also deepened our literature review in two adjacent
fields, incivility (e.g., Cortina 2008; Stryker et al. 2016) and digital misogyny (e.g., Sobieraj 2020). While
these literatures were present in the original manuscript, it became clear as we read the VAWIP literature that
one important theoretical contribution our paper could make is to more fully integrate these three literatures.
While many scholars in these areas cross-cite (e.g., Krook (2020) cites Sobieraj (2020); Sobieraj (2020) cites
Cortina et al. (2002); etc.), much of this work currently draws on parallel but separate theories to study the same
phenomena. Below, we use the theoretical framework laid out in Krook (2020) to illustrate where overlap and
disagreement exists between these literatures and the scholarship on VAWIP, and argue that it would be fruitful
for future scholarship that sits at this intersection to pursue a more integrated approach.

Critically, weaving together these literatures makes clearer the importance of recognizing women as
representatives (Pitkin 1967; Sobieraj 2020) when they “do” politics—or even are viewed as doing politics,
which may be more pertinent—outside the formal spheres of elections and policymaking. We argue that since
perpetrators of VAWIP target individual women because they view them to be symbolic and/or substantive
representatives of women as a group, scholarship on VAWIP must also consider how women “stand” and “act for”
other women in “informal” political contexts—not just in journalism, or NGOwork, or even political volunteering
as we study here, but on social media and in everyday life as well. Our focus on women as representatives makes
it clear that political action (here, as a volunteer) takes place in what was previously understood to be the social
or private spheres, and is therefore shaped by both social and political attitudes about gender. To claim politics is
or should be separate from the social “sphere” is problematic: we simply can’t keep the political separate from
the social, either theoretically or empirically, though of course any individual study will focus on particular cases
and contexts (e.g., violence against women in elections, or workplaces).

Building on this literature review, we also clarify our concepts and variable labels by situating them in
the literature. It was clear from this review that we needed to separate out what had previously been a single
silencing variable into two separate measures: “withdrawals,” which refers to polite or inoffensive requests not to
be contacted further (e.g., “please stop”), and “silencing,” which now refers only to offensive requests not to be
contacted further (e.g., “stfu,” which means “shut the fuck up”). We believe the new measures better distinguish
theoretically and empirically distinct behaviors.

Finally, our review also revealed more clearly the empirical contribution we make to the scholarship on
VAWIP by studying the harassment of political volunteers. While we argued in the original manuscript that these
literatures focus heavily on elites—and we still believe this is true—we now understand this to be a function
of the nature of the problem and the unique methodological challenges to studying this topic. Because of
these challenges, the focus on elites is likely to persist without conscious intervention. We argue that studying
less-visible participants in politics is important, both because visibility is itself an important theoretical feature
of the VAWIP literature (Thomas et al. 2019; Håkansson 2019), and because of the implications that studying
violence against a wider range of political actors has for our understanding of how VAWIP shapes who enters the
political arena. If VAWIP prevents women from ever entering politics, scholars focusing exclusively on formal
politics will misunderstand the scope and implications of the use of VAWIP.

2We also focused on texts that were available in English: this excluded relevant articles like Albaine (2015) and Cerva Cerna (2014) (where only
English-language abstracts were available) and would otherwise have been included.
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The Silenced Text

Theoretical Contribution
We argued above that it is worth more deeply integrating the literatures on VAWIP, gendered incivility, and digital
misogyny. We begin by supplying Krook (2020)’s definition of VAWIP: “its central motivation is thus not to gain
the upper hand in a game of partisan competition, but rather to exclude women as a group from public life” (4).
This makes VAWIP impossible to subsume under narrower frameworks like VAWIE (Krook and Restrepo Sanín
2016b; Krook 2017, 2020,b), which focuses exclusively on women in elections, or existing definitions of political
violence, which emphasize physical forms of violence and connote ideological or instrumental aims (e.g.,
attempting to win an election or a war; see Bardall et al. (2020, 916)). As Bardall et al. (2020) write: “Attacks
designed to disrupt the daily unfolding of political processes are different from the ever-present institutions,
behaviors, and practices that enforce gender hierarchies (Sen et al., 2019). Norms that render women subordinate
and “less-than,” and the misogynistic desire to punish women who violate these norms (Manne, 2017), fuel the
countless harms that befall women in public and private spaces, from dirty jokes to sexual assault” (918).

Literature on incivility has also been subject to much debate about whether it is a general phenomenon or a
practice that may specifically target women. Most of the literature on incivility in politics has not taken gender or
women as a dimension of focus. Classic articles like Mutz and Reeves (2005), Mutz (2007), and Brooks and
Geer (2007) all explore the effects of incivility, particularly with regard to partisanship and polarization. Cortina
(2008) takes a different approach: focusing on gendered incivility in the workplace, she departs from this “gender
neutral” approach to studying incivility by arguing that incivility is “not ‘general’ at all but instead represents
contemporary manifestations of gender and racial bias...one can mask discrimination (even without realizing it)
behind everyday acts of incivility and still maintain an unbiased image” (55). Cortina posits that by applying
ostensibly neutral uncivil behaviors—impatience, neglect, impoliteness, interruptions, condescending comments,
and so on— selectively to women and racial minorities, especially those “who are perceived as highly competent
and advancing in ways that threaten the dominant majority” (ibid, 65), men and white workers harboring explicit
or implicit prejudices can ostracize, grind down, and eventually drive out those they want to exclude (see also
Crenshaw 1991; Kuperberg 2018). Cortina et al. (2002) document that experiencing uncivil behaviors decreased
job satisfaction, increased job stress, and increased willingness to exit practice among women attorneys (252).

Like VAWIP, digital misogyny, a newer field, defines its key term by the intended purpose of the behavior.
Sobieraj (2020) argues that “digital misogyny. . . attempts to curtail women’s freedom to use public spaces as
equals” (4; see also Manne (2017)). The result is that many women opt out of public speech online, either
altogether, or by minimizing their speech (selecting only certain fora, topics, etc. they believe are safer). Those
that remain pay additional costs to ensure their safety: hiring firms to scrub their information from the internet,
assistants to report threats and filter out hate mail, and avoiding posts with information about their plans or
locations (including professional information like whether they will be giving a keynote address or meeting with
readers).

We argue that the most critical aspect of Krook (2020)’s theory of VAWIP for our paper—and the one that
unites all three literatures, either explicitly or implicitly—is the decision to define these behaviors around their
intended outcome (what Bardall et al. (2020) would call a “gendered motive,” (919)), which is to exclude women
from a given space. For VAWIP, that space is political (though what counts as a sufficiently political space
has been contested, as we return to below). For scholars working on gendered incivility, those spaces are the
workplace. For scholars of digital misogyny, those spaces are the Internet, and most commonly (though not
exclusively) social media.

Research on these topics may in many cases seem empirically quite disparate. What, after all, do kidnappings
of women city councilors in Mexico, tweets that American teen activist Emma Gonzalez is a “coconut head,”
and failures to invite women food workers out for drinks after work in Denmark have in common? Other than a
shared target—women—the actions taken, the scope and severity of the behaviors, the fora, and the historical,
political, economic, and cultural contexts vary.3 What these acts share—and what even critics agree on—is

3Equally, it is not obvious that all these behaviors should be classified as violence. Piscopo (2016), a critic of Krook’s more expansive definition, writes
“murdering female candidates and excluding female politicians from important meetings may not differ in kind—Krook and Restrepo Sanín (2016b)
highlight how both acts seek the erasure of women from public life—but they differ in degree” (447). We return to the definition of violence in the next
section.
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Yan and Bernhard

that their intent is to subordinate and exclude women. Bardall et al. (2020) define this as a key contribution of
the VAWIP approach: “the VAWIP approach shows how gender can motivate attacks...political violence can be
gendered in multiple but distinct ways. Gendered motives appear when perpetrators use violence to preserve
hegemonic men’s control of the political system” (917).

This emphasis on subordination and exclusion as desired outcomes defines and distinguishes these literatures
from scholarship that may seem ostensibly more related. For instance, all these disciplines—political science,
sociology, psychology, and communication—have large literatures on sexism and gender stereotyping. What
many of those literatures share, however, is a definition centered on the cognitive and social processes responsible
for the attendant behaviors, rather than on the outcomes of those behaviors. At a theoretical level, that makes
these literatures conceptually distinct. In turn, this is why we believe our manuscript should be situated within
the VAWIP literature: our results speak more to outcomes than to specific cognitive processes.

Even without having data on voters’ individual cognitive processes and beliefs, work by Sobieraj (2020)
makes clear that we can distinguish the “gendered motives” (see Bardall et al. 2020, for discussion) that
distinguish VAWIP from more general political violence through close reading of a given text:

“Telling someone she is a filthy whore, for example, is intimate and ad hominem and yet decidedly
generic...We may be able to distinguish the comments, for example, as the kind of abuse pointed at
Black women, but be unable to distinguish what they have to do with any particular Black woman.
This is a reminder; this abuse is structural, rooted in hostility toward the voice and visibility of
individual speakers as representatives of specific groups of people” (5, emphases in the original).

Biroli (2018) concurs, writing: “Systemic violence targets women because they are women” (681). The
“generic” quality that Sobieraj describes as a hallmark of structural abuse, i.e., abuse that treats individual women
as representatives of all women, is clearly present in the texts the volunteers in our studies receive. When
someone texts “fuck off Jessica you’re a slut,” or “no. your fat” or “bitch fuck u stop texting my fucking phone,”
having no more information about “Jessica” than her name, and despite “Jessica” using exactly the same text
messages “Michael” and “Taylor” use to contact voters, we see clear evidence that the hostility is toward women
as a group rather than some specific characteristic of this individual woman. They know nothing about this
woman (who is of course not even necessarily a woman thanks to our randomized experiment). Despite and
perhaps even because of knowing so little about Jessica, she provokes this reaction.

Looking beyond the behavior we observe in our studies, we theorize that Sobieraj’s argument that women are
representatives of their group, be it a specific subset of women or women in all their diversity, is also critical to the
definition of VAWIP and merits further consideration by scholars in the field. Representation is deeply political
(Pitkin 1967, Chs. 1, 4-6). Whether individual women “stand for” other women when they write #MeToo on
Twitter, or “act for” other women when they take office—or simply “make [women] present” by sending political
texts signed “Jessica” to other citizens—by Pitkin or Sobieraj’s standards, these individual women may either see
themselves as representing women, or be seen by others as representatives of women, and treated accordingly.
To then focus VAWIP research exclusively on what Pitkin would call formalistic representation—candidacy,
elections, votes, and so on—is to miss the diversity of political representation that women undertake and make,
and the violence they may experience in doing so. We close this section by calling for a more expansive scope of
research on VAWIP that examines the violence women experience as representatives regardless of the sphere in
which that representation occurs.

Conceptualizing and Operationalizing Violence
As we are drawing upon three related but distinct literatures, it is important to clarify the concepts underlying the
variables we employ. We explain below how our variables fit within and compare to existing concepts.

Within recent literature on VAWIP, the responses volunteers in our studies receive fall within the domains of
psychological and semiotic violence (which as Krook (2020) notes, overlap). Psychological violence

“seeks to disempower targets by degrading, demoralizing, or shaming them—often through efforts
to instill fear, cause stress, or harm their credibility. Its varied forms comprise, but are not limited
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The Silenced Text

to, death threats, rape threats, intimidation, threats against family members, verbal abuse, bullying,
rumor campaigns, illegal interrogation, surveillance, social ostracism, and blackmail. These acts
may occur inside and outside official political settings and be carried out in person, by telephone,
or via digital means like email and social media” (139).

Bardall (2013) advocates for a similar definition: “Psychological violence is an ‘informal means of
control [and] includes systematic ridicule, ostracism, shame, sarcasm, criticism, disapproval, exclusion and
discrimination”’ (Bardall 2010, cited in Bardall 2013, 2). Accordingly, semiotic violence may also constitute
psychological violence (Krook 2020), but is distinguished by its effort to

“mobiliz[e] semiotic resources—words, images, and even body language—to injure, discipline, and
subjugate women...by communicating a message of group-based inferiority. Analyzed inductively,
women’s experiences two main modes of semiotic violence: rendering women invisible, attempting
to ‘symbolically annihilate’ women in the public sphere, and rendering women incompetent,
emphasizing ‘role incongruity’ between being a woman and being a leader” (187, emphases in the
original).

Krook (2020) further identifies three subtypes of behaviors that attempt to render women invisible: “silencing,”
“not listening,” and “manterrupting” (196-197). Silencing involves more formal or explicit modes of rendering
women silent: for instance, not calling on women to speak, cutting them off, or sanctioning women for speaking.
“Not listening” behavior is more informal, reducing women’s voice by simply directing attention elsewhere.
“Manterrupting” involves violating norms of alternating speakers when women are speaking and is also typically
more informal behavior.

These strategies are notably similar to those Sobieraj (2020) identifies when studying digital misogyny:
intimidating, shaming, and discrediting. We therefore focus on situating our variables within the categories of
psychological and semiotic violence laid out by Krook.

Within these categories, the texts in our studies are most consistent with verbal abuse (psychological
violence)—what we call our “offensiveness” measure—and “rendering women invisible” (semiotic violence)—
what we call our “silencing” measure, which represents only texts that are both offensive and explicitly or
implicitly request that contact should cease. Inoffensive or polite requests for contact to cease we call “withdrawal”
to distinguish them from “silencing” (which is clearly uncivil); we discuss this decision further below.

Our “offensiveness” variable is labeled as such because we asked volunteers explicitly about how offensive
the text was. It is also consistent with the language of the Equal Employment Opportunity Commission, which is
in turned derived from Title VII of the Civil Rights Act of 1964:

“To be unlawful, the conduct must create a work environment that would be intimidating, hostile,
or offensive to reasonable people. . . Offensive conduct may include, but is not limited to, offensive
jokes, slurs, epithets or name calling, physical assaults or threats, intimidation, ridicule or mockery,
insults or put-downs, offensive objects or pictures, and interference with work performance”
(https://www.eeoc.gov/harassment).

Our “silencing” variable, which is derived from a function the organization uses to indicate that the respondent
should not be contacted again, is somewhat more complicated. We attempt to position it here within Krook
(2020)’s definition above. While we considered labeling our “silencing” variable “manterrupting,” as it appears
in some cases more consistent with this sort of informal behavior than e.g. formal sanctions, we felt both the text
medium makes distinguishing interruption difficult (the norm is not so clearly to alternate between speakers), and
many of those responding in this way are also women, making “manterrupting” seem a slightly misleading term.

We now turn to the literature on incivility because it has explored so many variables within what the
VAWIP literature might call psychological or semiotic violence. Stryker et al. (2016) provides perhaps the
most comprehensive approach to date, exploring 23 different measures of incivility: vulgarity, disrespect, slurs,
interruption, name-calling, threatening harm, encouraging harm, misleading, preventing discussion, shouting,
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Yan and Bernhard

attacking character, attacking issue stance, failing to provide evidence in support of one’s claims, exaggeration,
making fun, attacking reputation, insulting, highlighting flubs, verbal jousting, rolling eyes, violating space,
demonizing, and refusing to listen (542). Several of these are likely to fall within the purview of our offensiveness
measure (vulgarity, disrespect, slurs, name-calling, shouting, insulting, demonizing, and verbal jousting). Two
others are likely to map onto our silencing and withdrawal measures: preventing discussion and refusing to listen.
Unfortunately, we do not have the time or resources to hand-code several thousand text responses into these 23
more fine-grained categories, but it would be fascinating to know whether there are gender differences on any of
them. We encourage future research to explore this possibility further.

With regard to our decision to separate silencing and withdrawal, we again turn to the literature on incivility.
Importantly, research on selective incivility emphasizes not just selective acts of aggression (what psychologists
might term approach behaviors), but also of selective withdrawal: a “form of bias that Fiske (2002: 125) calls
‘cool neglect,’ or withholding ‘basic liking and respect’ rather than being openly hostile” Cortina (2008, 66).
In our manuscript, we show evidence of gender differences in these two different types of behaviors: not just
silencing (which Cortina might argue represents more overt bias or hostility), but also a sort of “cool neglect”
through withdrawal.

This last point raises a final question for our paper, which is where to draw the limit on considering a behavior
violence. Is polite withdrawal from an interaction violence against women in politics, for instance, even if the
behavior only occurs when a woman is speaking? For our project, we draw the line between offensiveness or
silencing (which are both consistent with standard definitions of violence in the VAWIP and digital misogyny
scholarship), and withdrawals, which research on incivility argues may represent a form of gender discrimination,
but do not, we think, rise to the level of violence. Beyond stating our stance as authors, disentangling violence
from incivility on a theoretical level is beyond the scope of the present paper, especially given their many
overlaps, questions of degree versus kind, and immense debates about the policy implications of doing so. We
think exploring these questions would be a promising area for future research located at the intersection of these
literatures.

Empirical Contribution
Studying violence against women in politics is difficult work.4 Scholarship relying on archival work and interviews
is constrained by how cost- and time-intensive it is to conduct such research. Given the extremely sensitive
nature of such interviews, they cannot (for instance) be farmed out to local interviewers (see Krause 2020),
making the costs that much higher. Accordingly, many qualitative researchers have focused on paradigmatic
cases that have a high payoff for understanding VAWIP, like the 2016 murder of British MP Jo Cox, the #MeToo
movement among politicians, or the digital harassment of high-profile feminist activists.

Surveys, though in many cases equally expensive, take a wider lens and thus can study larger populations
like municipal and regional parliaments in Sweden (Håkansson 2019), federal courts in the U.S. (Cortina et al.
2002), and New Zealand MPs (Every-Palmer et al. 2015). Surveys are nonetheless constrained by needing a list
and contact information from which to generate a sampling frame, and it is far harder to find these for everyday
activists and volunteers than it is to find them for sitting politicians (or even former candidates).

Nor are computational tools free from this issue: collecting hundreds of thousands of tweets using the Twitter
API still requires pointing the API “at” something: a list of Canadian MP’s handles (Rheault et al. 2019), say, or
keywords like “bitch” (Blake et al. 2021), or hashtags like #SayHerName (Brown et al. 2017). In other words, to
get misogynistic tweets about British MPs, you have to have a list of British MPs’ names to collect anything
(Ward and McLoughlin 2020). Attempts to study these topics in the general population—e.g., to study digital
sexism between citizens writ large—run into other types of problems. For instance, Blake et al. (2021) collect
1.8 billion randomly sampled tweets to study digital misogyny, and according to their coding scheme, identify
only 16,791 that meet their criteria for misogyny (.0009 percent). Small wonder that most researchers hoping
to understand VAWIP, even quantitatively, focus on those most likely to experience threats, harassment, and

4Though Ballington (2018) suggests it may be easier than studying violence against women in the home, which may be harder to systematically collect
data on thanks to stigmas about reporting and privacy concerns (698).
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violence. Håkansson (2019), for instance, finds that nearly 70% of women mayors in Sweden experience some
form of violence every year. Yet Håkansson (2019) also theorizes and subsequently demonstrates that lower
visibility (e.g., rank-and-file politicians) substantially reduces the amount of violence women experience (40).
Thomas et al. (2019) theorize and find similarly that increased visibility results in increased violence among
American mayors.

Our research therefore complements existing empirical scholarship by allowing us to examine VAWIP in a
context and sample that is hard for many of these methodological tools to observe Ballington (see 2018, 700):
everyday activism through political volunteering. While VAWIP researchers have theorized for some time that
less elite women working in politics experience violence, it is costly to document. We believe our findings
provide empirical support for including women engaged in less formalized types of political work within the
broader topic of VAWIP. We pursue the implications of our empirical findings in the section that follows.

Implications for the Future Study of VAWIP
Should VAWIP scholars treat violence against activists, journalists, or even participants in everyday political
deliberation as VAWIP? As we argued above, we believe there is theoretical reason to consider women to be
political representatives even outside of formal political roles and institutions. We therefore join Alam (2021),
Biroli (2018), and Krook (2020) in calling for an expansive definition:

“The concept of violence against women in politics...has largely been restricted to actions perpetrated
against women in elections and/or within formal political institutions...however, parallel campaigns
have surfaced to draw attention to violence committed against women human rights defenders and
against female journalists, respectively. These efforts take up highly similar issues concerning
violence as a barrier to women’s participation in the political field. This book advocates for joining
these various streams to forge a more comprehensive concept of violence against women in politics”
(ibid, 36).

Following Krook (2020), Håkansson (2019), and Thomas et al. (2019), we show that violence does indeed
exist along a spectrum of visibility in politics: the more visible, the more violence.5 Our “meso-level” volunteers
experience less violence than politicians, candidates, and high-profile activists, but more violence than Blake et
al. (2021) seem to document among the entire population of Twitter users.

Moreover, Sobieraj (2020) notes that women activists experiencing what Krook and Restrepo Sanín (2016a)
would call psychological and semiotic violence on social media are told to “just get off the Internet” (Sobieraj
2020, 20). Our research shows that the Internet is not the problem. Speaking out on political issues even in a
comparatively safe space—texting requests to other members of one’s own political organization—still unleashes
more hostility towards women than men. Our standardized messages and random assignment of names to
volunteers make clear that the issue is not how women “do” politics, nor their selection of a venue in which
to participate politically, nor is it that violence is somehow the inevitable cost of political candidacy or elite
activism. The issue is resistance to women’s voices.

Finally, in addition to our call above to theorize and study how VAWIP manifests beyond the formal sphere
of electoral politics and policymaking, we argue that broadening the definition of VAWIP will help break new
ground by enabling the study of the effects of violence at all stages of what scholars of gendered political ambition
might call the “pipeline” to office (Thomsen and King 2020; Bernhard et al. 2021). This is because the intent
of VAWIP is to exclude women from participating in the political sphere. If scholars of VAWIP do not study
what happens to women before they formally enter politics (e.g., by filing for candidacy)—and Sobieraj (2020)
documents that many women activists reduce or end their advocacy altogether after experiencing sustained
misogyny and threats—we may miss important ways in which violence against women shapes who enters the
formal political arena.

5Strid et al. (2013) theorize that visibility shapes our perceptions of representation by the multiply marginalized, who may simultaneously be more
visible and more likely to be overlooked. We think this idea is interesting and merits expansion in future research.
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DETAILED METHODS AND MATERIALS
Sampling Frame
The sample for the first experiment is 60,356 individuals who had interacted with NextGen America in the past;
for the second experiment, 75,231 individuals drawn from the same population. The organization thought these
individuals were more likely to attend a given political event.
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Treatments
After creating the sample, individual supporters were randomly assigned to one of four conditions. Individuals
in the “male-name” condition received a SMS message from a volunteer assigned to use the name Michael.
Individuals in the “female-name” condition received a message from a volunteer assigned to use the name Jessica.
Those in the “ambiguous-gender” condition received a message from a volunteer assigned to use the name Taylor.
Individuals in the “unnamed” condition received messages with no name given.

Volunteers did not know about the experiment’s purpose. They were simply informed that the organization
was trying something new to improve their messaging program. After the studies were completed, all staff and
volunteers were debriefed, and the organization received a copy of our report.

After randomizing individual supporters to one of the four conditions, batches of texts were given to
volunteers to send. For example, a volunteer could be given 1,000 messages in the female-name condition. If
they finish all 1,000 texts, they might be given another batch of messages in the same condition, or they may be
given a batch of messages in a different condition. If a volunteer fails to finish their assigned texts, then NGA
staffers reclaim the unfinished texts and reassign them to another volunteer. This process ensures the relationship
between the assignment of names and individuals is random, but there can be imbalances in how many texts
in each condition are successfully sent by a given volunteer. Models subsetting to supporters who were sent
messages or supporters who responded to texts will suffer from post-treatment bias.

These names signal their intended genders. Based on Census data, “Jessica” has a 99.7% probability of
being a woman, “Michael” has a 99.5% chance of being a man, and “Taylor” has a 75.4% probability of being
a woman. We also conducted our own study. We recruited a convenience sample of 260 individuals through
Amazon’s Mechanical Turk platform and asked them, “if you had to guess, would you guess [NAME] was a
woman, a man, or unsure?” We randomized the order the names were presented in. One hundred percent of the
260 respondents guessed that “Jessica” was a woman and 98.5% guessed that “Michael” was a man. The most
common response (49.2%) for “Taylor” was “unsure,” and the remainder of the responses were divided between
woman (41%) and man (9.8%). We thus remain confident that Taylor is a more ambiguously gendered name
than “Jessica” or “Michael.”

Messages
Study 1 Hi [VOTER’S NAME], I’m [EXPERIMENTAL TREATMENT NAME], a volunteer with NextGen
America. This Saturday, March 24, young people have organized a march to spread awareness and demand gun
safety legislation from our elected officials. Find a local March For Our Lives here: http://nxtgn.us/dkh - Can we
count on you to join us at the march?

Study 2 Hey [VOTER’S NAME], it’s [EXPERIMENTAL TREATMENT NAME] volunteering w/ NextGen
America. EPA Administrator Scott Pruitt is under investigation for his waste of taxpayer dollars and shady ties to
corporate polluters. Urge your members of Congress to call on Scott Pruitt to resign: http://NXTGN.US/du5

Number of Texts Sent Figure S1 shows how many messages volunteers sent. The average volunteer sent
approximately 1,300 messages, which means that we can measure quite precisely how the same volunteer is
treated when using each name (or no name).

Dependent Variables
Wemeasure our first dependent variable, offensiveness, in two ways. The measure in the first study is a self-report:
how offensive volunteers felt the responses they received from each individual voter were. In the messaging
system, after volunteers correspond with a voter, volunteers are asked whether the response they received was
“offensive” or not. If the volunteer felt the message was offensive, then they marked “Yes.” If the volunteer
marked “Yes,” then the respondent was coded as a 1, and if not, then they were coded as a 0. The measure of
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Yan and Bernhard

FIGURES1. Number of texts sent. Figure shows howmany texts were sent by volunteer across
both studies and for each study. The red line indicates the average number of texts sent.

“offensiveness” in the second study is generated by ratings from two independent women coders. Each coder
rated the messages on a five-point scale from “non-offensive” (1), to “very offensive” (5). The inter-coder
Pearson’s correlation was .74, which suggests moderate agreement on what constitutes offensiveness between the
two volunteers. To compare scores between the two studies (main results reported in the paper), we also created
a binary measure for Study 2: a message would be marked as offensive if either coder had marked it as offensive
(100), and inoffensive if neither had (0). Our offensiveness findings for Study 2 hold whether the five-point scale
is used or the binary scale is used, so for brevity we report only the binary analyses in the main paper, which
allows us to condense the findings for both studies.

Our second original dependent variable, discouragement, collected only in the second study, measures
whether a message encourages or discourages a volunteer from volunteering again in the future. Two independent
women coders rated each message on a scale from “really encouraging” (1), to “really discouraging” (7). The
Pearson’s correlation between the two coders was .95, which suggests a high level of agreement between the two
volunteers. We again summed and rescaled from 0 to 100 the two coders’ ratings. To ensure our estimates of
discouraging behavior are conservative, when a voter did not respond, we coded them as a 1 (really encouraging).

Our third dependent variable, silencing, measures whether a voter uses offensive or intimidating language
to get the volunteer to cease contact. Organization rules instruct volunteers to “opt-out” respondents from
future contact if the respondent requests the volunteer to stop contacting them, or if the respondent harasses
the volunteer. If the respondent was marked in the system as “opted-out” and had an offensive score greater
than 0, they were given a 100, and if not, a 0. We treat this as a measure for “silencing” behavior because it
prevents volunteers from any future outreach to the individual and is meant to intimidate the volunteer. Because
this variable is a subset of offensiveness, we should expect effects for silencing to be weaker than effects for
offensiveness.

Our fourth dependent variable, withdrawal, measures whether a voter ends all future activist outreach but
does not use offensive language to do so. If so, they were scored as a 100 on withdrawal, and if not, a 0.

We report statistics for Pearson’s r and Krippendorff’s alpha to evaluate inter-coder reliability. The correlation
between the two coders for the offensiveness scale was .74; on the discouragement scale, .95. The Krippendorff’s
alpha for the offensiveness scale was 0.73; for the discouragement scale, 0.49.

We also evaluate whether offensiveness, silencing, discouragement, and withdrawal measure different
concepts. In Study 1, the correlation between volunteer-coded offensiveness and silencing was 0.77. In Study 2,
the correlation between coder-rated offensiveness and silencing was 0.66. This reflects our conceptualization
of silencing as an offensive request by the respondent to end all future activism from that volunteer. The
correlation between volunteer-coded offensiveness and withdrawal was -0.01 in Study 1. The correlation
between volunteer-coded offensiveness and withdrawal was -0.003 in Study 2. These low correlations reflect our
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The Silenced Text

conceptualization of withdrawal as polite or non-offensive requests to end all future activism. The correlation
between coder-rated offensiveness and coder-rated discouragement was 0.51 in Study 2. This suggests meaningful
differences between the concepts. The correlation between silencing and discouragement was 0.47 in Study 2,
suggesting they are distinct concepts. The correlation between withdrawal and discouragement was 0.61 in Study
2. This is consistent with what we expect because requests to end all future outreach are likely disheartening
even if they are not offensive. Finally, the overall correlation between silencing and withdrawal was 0.93. The
high correlation reflects that silencing is a combination of both ending outreach and offensiveness.

Coding Instructions Coders saw the following instructions:
“You will be given individual response text messages from people who originally received text messages

from NGA. You will undertake two coding tasks for each text:
Task 1: How offensive does each text seem? Each message is to be coded on a 1 to 5 scale where 1 is

non-offensive and 5 is very offensive. Below illustrates what the scale looks like:

1. Non-offensive
2. Slightly offensive
3. Moderately offensive
4. Fairly offensive
5. Very offensive

Task 2: Would this message encourage or discourage you from volunteering in the future? Each message is
to be coded on a 1 to 7 scale where 1 is really encourage and 7 is really discourage. Below illustrates what the
scale looks like:

1. Really encourage
2. Somewhat encourage
3. Slightly encourage
4. Neither encourage nor discourage
5. Slightly discourage
6. Somewhat discourage
7. Really discourage

Each of you will be given the same list of text messages. However, you should not consult each other while
coding because this could bias the results. Your codings don’t have to match each other’s because we will make
an average “rating” from your codings, so it’s not an error if you disagree.

If either of you have a question or comment, let me know and I’ll help you on the individual text message.
Some text messages may be broken up because of processing errors on Relay’s side; if you find this, let me know
and I’ll help you.”

Alternative Approaches to Measurement In this section, we report information on alternative measurement
approaches we used to assess the reliability of our indicators.

Human-Coded Approaches
We attempted to replicate both our measures of offensiveness: in Study 1, dichotomized offensiveness, and in

Study 2, the five-point scale (dichotomized for presentation in the main paper). Our concern was that, by having
two different measurement scales, it would be hard for careful readers to assess whether they were comparing
“apples to apples” in both studies, even with the consistent results.

We also attempted to replicate our seven-point scale measure of discouragement, which we originally only
collected for Study 2. Here, our concern was that we might find something quite different in Study 1, limiting
the generalizability of our findings. We tried replicating both our offensiveness measures and seven-point
discouragement measure using two new sets of coders: first, online survey respondents recruited through Prolific,
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TABLE S1. Correlations between Original and New Ratings
Sample Offensive Messages (Both Studies) Discouraging Messages (Study 2)
Online Survey Respondents 0.45 0.19
Research Assistants 0.64 0.30

a sampling firm (Study A); and second, three research assistants with previous experience as political volunteers
(Study B). Both sets were recruited in summer 2020. All texts from Study 1 and Study 2 were included, but to
respect our non-disclosure agreement, all identifying information was stripped from the texts before they were
shared. This means, for instance, a text saying “This isn’t John’s phone” became “This isn’t [NAME]’s phone.”

In Study A, 708 survey respondents recruited through Prolific were randomly assigned to see 10 of the
response text messages from the original studies, each on its own page. Each page first asked them to rate
the offensiveness of the text on the five-point scale above (“How offensive does the text seem?”). Below, they
were asked to rate how discouraging the text was on the seven-point scale described above, but with a slightly
differently worded question: “If you were a volunteer for a political campaign, would this message encourage
or discourage you from volunteering in the future?” We modified the text of the question in order to clarify
the intent of the encouragement/discouragement question for individuals who might have no political volunteer
experience or lack necessary context for the question. We then averaged the results from the coders to create the
dependent variables. Due to randomization, the average text message was coded by two individuals, but some
texts were not coded, and others were coded by more than two individuals.

In Study B, three undergraduate research assistants recruited based on their prior political volunteer experience
were asked to code the binary offensiveness measure (“How offensive does the text seem?”) from Study 1 and
the seven-point discouragement measure (“Would this text encourage or discourage you from volunteering in the
future?”) from Study 2. Note that the discouragement question wording here is the original from Study 2, not the
slightly modified version used for the Prolific respondents (who may not have had political volunteer experience).
All three research assistants coded all received response text messages. As before, for each text we average the
codings for each measure across the research assistants. The three research assistants were women.

We provide the results for both studies below. Broadly, we find that our results for more offensive treatment
of female-named volunteers replicate in both Study A and Study B. We therefore feel confident in the original
findings for offensiveness is appropriate.

However, our discouragement measure did not replicate in Study A or Study B, even when restricted just
to texts from Study 2 (where we originally found significant discouragement). As we explain below, while we
cannot rule out the possibility that this is some sort of issue with the clarity of the instructions for our coders in
Study A or Study B, we take the conservative approach of providing all the data on discouragement in these
appendices, but refrain from making any claims about discouragement in the main paper.

Table S1 reports the Pearson correlation between intern-coded and volunteer-coded offensive and discouraging
message ratings with the ratings provided by Prolific raters and research assistants. We subset to only ratings
when respondents texted the volunteer back. This gives us a more conservative correlation because we code
non-responses as 0 (inoffensive) for offensiveness and 50 (neutral) for discouragement. Column 1 shows that the
Prolific offensive message ratings were moderately correlated with our original volunteer-coded and intern-coded
offensive message ratings. The correlation improves when research assistants rate offensive messages, but the
correlation is not strong. Column 2 displays the same correlations for discouraging message ratings only for
Study 2 because we did not collect discouraging message ratings for the first experiment. Prolific discouraging
message ratings were weakly related to our intern-coded messages. The research assistant discouraging message
ratings were much more strongly correlated with the intern-coded discouraging message ratings than the Prolific
ratings, but they were not incredibly strong correlations.

Table S1 also shows the Pearson correlations between the original NGA volunteer-coded discouragement
measures and the measure when coded by Prolific respondents and our research assistants. The correlation
between the Prolific-coded measures was very poor at 0.19. The correlation between our research assistant-coded
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The Silenced Text

measures and the original measure was 0.30. Taken together, these correlations were not strong enough for us to
have confidence in our discouragement measure.

Robustness of Offensiveness Codings
Study 2 - Ordinal measure of offensiveness Table S2 shows the regression results for Study 2, which used
independent raters’ codings of offensiveness. In the first column, we show that female-named and unnamed
volunteers were significantly more likely to receive offensive replies than an ambiguously-named volunteer.
Male-named volunteers were slightly less likely to receive offensive replies than the ambiguously-named volunteer.
Looking at columns two and three, we see that female-named volunteers fare slightly worse among women voters
than they do among men voters, but the estimate remains substantively unchanged. Male-named volunteers fare
equally well with men and women voters. Unnamed volunteers are treated quite differently by men and women:
they are much more likely to receive offensive content from men than from women.

TABLE S2. Effect of a Volunteer’s Perceived Gender on the Likelihood of Receiving an Offen-
sive Message, as Coded by Other Volunteers

Offensiveness
Full Sample Women only Men only

Female Name 0.040∗ 0.052∗ 0.034
(0.020) (0.024) (0.037)

Male Name −0.022 −0.023 −0.027
(0.018) (0.017) (0.036)

No Name 0.094∗∗∗ 0.050∗ 0.148∗∗
(0.026) (0.024) (0.053)

Constant 0.062∗∗∗ 0.040∗∗ 0.093∗∗∗
(0.012) (0.013) (0.024)

N 75,231 41,143 29,321
Adjusted R2 0.0003 0.0003 0.0005
∗p < .05; ∗∗p < .01; ∗∗∗p < .001
Baseline category is the ambiguous name condition. Robust
standard errors are reported in parentheses.

Different ways of dichotomizing offensiveness Below, we investigate whether the way we dichotomized the
offensive message rating is driving our results. Table S3 presents the results from analyzing dichotomized
offensive replies following different coding rules (in Study 2, we originally measure offensiveness using a 5-pt
scale, taking the average of the two coders’ ratings). We vary whether we code a message as offensive when the
offensive index measure is greater than 50, 40, 30, and 20. We show that our results are broadly consistent with our
main results and are not sensitive to our coding decisions. Across all four columns, female-named and unnamed
volunteers were significantly more likely to receive an offensive messages compared to the ambiguously-named
volunteer. Across all four columns, male-named volunteers were less likely to receive an offensive message
compared to ambiguously-named volunteers, but none of these effects were statistically significant.

Automated Approaches Finally, we also tried validating our results with another measure, toxicity, via
PerspectiveAPI. PerspectiveAPI provides toxicity scores for comments on social media and news articles, among
other things, using an algorithm to automatically classify texts based on their similarity to known toxic language.
Our hope in using it was that we would be able to compare “apples to apples” across the two studies—a beneficial
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TABLE S3. Effect of a Volunteer’s Perceived Gender on the Likelihood of Receiving an Offen-
sive Message, Both Studies - Robustness Check

Offensive Replies
Rated > 50 > 40 > 30 > 20

Female Name 0.076∗∗ 0.076∗∗ 0.076∗ 0.076∗
(0.029) (0.029) (0.031) (0.033)

Male Name −0.009 −0.009 −0.021 −0.038
(0.025) (0.025) (0.026) (0.027)

No Name 0.086∗∗ 0.086∗∗ 0.083∗∗ 0.086∗∗
(0.030) (0.030) (0.031) (0.033)

Constant 0.031† 0.031† 0.055∗∗ 0.094∗∗∗
(0.018) (0.018) (0.020) (0.022)

N 135,587 135,587 135,587 135,587
Adjusted R2 0.0006 0.0006 0.0005 0.0003
†p < .1; ∗p < .05; ∗∗p < .01; ∗∗∗p < .001
Baseline category is the ambiguous name condition. Experiment-
level fixed effects are included for the full sample but not reported.
Robust errors are reported in the parentheses.

addition because they currently rely on different human coders. However, we found that the scores did not
correlate well with any of our measures, perhaps because our snippets of text (SMS messages) are so short and
thus subject to more measurement error.

For Study 1, PerspectiveAPI toxicity scores correlated with our coder-rated offensiveness measure at 0.56,
silencing measure at 0.45, and withdrawal measure at 0.34. For Study 2, toxicity scores correlated with our
coder-rated offensiveness measure at 0.62, discouragement measure at 0.61, silencing measure at 0.42, and
withdrawal measure at 0.42. We were surprised to see that the withdrawal messages correlated so highly with the
toxicity measure; we believe this is because the API is sensitive to edge cases (where the text may be mildly
offensive but the volunteer(s) in question did not mark them as offensive): for instance, saying “that’s dumb” or
“you’re an idiot” might not be marked as offensive by the volunteers, but they score highly with the API.

Ultimately, we were not confident that the toxicity scores would be informative because of their low
correlations with our existing measures. Indeed, we relied on codings by human volunteers from the beginning
due to pre-existing concerns about the difficulty of using automated classifiers (which typically measure similarity
between two strings, and thus tend to be more reliable the longer the strings are). Accordingly, we found ourselves
disappointed but unsurprised that we could not use PerspectiveAPI toxicity scores as a way to externally validate
our volunteers’ ratings.

Results for Discouragement Study 2 shows that respondents send more discouraging messages to volunteers
using female names. Both female-named (two-tailed ? < .001) and unnamed volunteers (two-tailed ? < .001)
were significantly more likely to receive discouraging replies than an ambiguously-named volunteer, while
male-named volunteers were significantly less likely to receive discouraging replies (two-tailed ? < .001).
Overall, female-named volunteers can expect to receive 3.93 more discouraging messages per 1,000 messages
than the ambiguously-named, and 7.48 more discouraging messages than male-named volunteers. Again, we
caution against over-emphasizing this result because of the reliability problems with this measure.
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FIGURE S2. Mean Discouragement. Figure shows the average treatment effect by treatment
condition with 95% confidence intervals estimated using OLS. The comparison category is the
ambiguous name condition. Data is from Study 2 only.
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Study Context, Delivery, and Timing
NGA is a national political action committee that focuses on engaging young people in the political process
to support progressive causes. They typically organize on and around college campuses focusing on voter
registration and voter turnout. They were originally founded in 2013 as NextGen Climate and primarily focused
on environmental issues.

In 2018, we worked with NGA to conduct two experiments evaluating whether female volunteers receive
more harassing SMS responses than male volunteers. NGA was interested in this experiment because they had
received comments from their female volunteers and staff that they felt harassed when sending get-out-the-vote
(GOTV) SMS messages to voters. The organization wanted to find new ways to maintain the same programmatic
efficacy while ensuring that their volunteers and staff members felt safe while participating in the political
process.

The first experiment was conducted during NGA’s response to the Marjory Stoneman Douglas High School
shooting in Florida. Activists were organizing an event, March for Our Lives, to protest the lack of gun control
legislation. NGA texted their list of progressive voters to encourage them to participate in the protest. The
organization has recruited for other protests in the past such as, the Women’s March and the Climate March.

In the first experiment, the organization failed to deliver 18,457 SMS messages out of those individuals
assigned to be part of the study because they lacked sufficient volunteers. The organization failed to deliver
36,290 SMS messages in the second experiment for the same reason.

In the second experiment, NGA texted progressive voters to encourage them to lobby their members of
Congress to call for then-Environmental Protection Agency Director Scott Pruitt’s removal. Pruitt had recently
been accused of several ethical violations, which sparked intense lobbying for his removal by progressive
organizations. NGA has recruited voters to lobby members of Congress in the past on several political issues.

Three days before the March for Our Lives protest in March, volunteers began sending messages to the first
experiment’s sample through Relay, an online SMS messaging platform. Later in April, volunteers began texting
the second experiment’s sample through Relay. Volunteers were not told about the study’s intent to reduce
potential demand effects. Additionally, only a select few staffers in the organization knew about the study in
order to reduce the number of people who could induce demand effects.

Supporter Gender NGA does not keep data on the gender identity of individuals they talk to in their database,
so we used the ‘gender’ package in R to code likely gender based on their first name.

We were unable to predict the gender of a small number of supporters in both studies, and dropped these
people from analyses examining the gender of the respondents. Dropping these individuals does not bias our
estimates because we randomly assign treatment conditions for each individual, which means that those with
“unknown” names are equally likely to be assigned each treatment condition.
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TABLE S4. Supporter Gender by Study

Gender Study 1 Study 2

Man 41.56% 38.97%
Unknown 5.99% 6.34%
Woman 52.45% 54.69%

Table S4 presents the sample for each study broken down by gender.

TABLE S5. Supporter Gender by Condition, Study 1

Experimental Condition Men Unknown Gender Women

Female-named 40.69% 5.83% 53.48%
Male-named 42.44% 6.23% 51.33%
Ambiguously-named 41.39% 5.95% 52.66%
Unnamed 41.7% 5.96% 52.35%

TABLE S6. Supporter Gender by Condition, Study 2

Experimental Condition Men Unknown Gender Women

Female-named 38.33% 6.59% 55.08%
Male-named 39.63% 6.26% 54.1%
Ambiguously-named 38.7% 6.38% 54.91%
Unnamed 39.23% 6.1% 54.66%

Tables S5 and S6 do the same but break them down further by experimental condition. Both studies have
more female than male supporters.

RESULTS AND ROBUSTNESS CHECKS
An additional set of appendices, referenced in-text but not included here due to space constraints, may be found
online at https://doi.org/10.7910/DVN/UYKE7T.
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