Appendix A: Formal Model

In this section we introduce a short and highly stylized model to formalize the intuition as to why size, scope
and apparent leaderlessness are protest characteristics that are likely to trigger cascades of mobilization.
The model is intended merely to supplement the main paper; the reader should feel free to skip it if they

feel comfortable with the theory of the paper as presented in the main text.

Suppose that the population consists of 7 citizens indexed by 7, and |G| groups of equal size indexed by
Q. Let k(i) € G denote the group individual i identifies with. Starting from the observation that previous
anti-government protests in Egypt where the leaders were clear (e.g. independent unions, the Muslim
Brotherhood) did not trigger protest cascades, we claim that fence sitters care not only about overthrowing
the government, but also about what might replace it should the revolution succeed. Whoever leads a
successful revolution will have a much stronger chance of also leading the new regime. If there is no clear
leader, however, then each group may feel that they have a greater chance of claiming power afterwards than

if the revolution was led by some other group.

To capture this intuition, we assume that the protests can either be led by one of the groups, in which
case we denote it by Py with ¢ € G, or it may have no apparent leader in which case we denote it by Pp.
We denote by {R1,Ro, . ..,R‘G‘,SQ} = R the set of all possible regimes, where R refers to rule in favor
of group k, and SQ refers to the status quo. We use r to refer to a generic element of R. In line with
the previous discussion, we assume that for all 7, Pr(Ry;)|Pyiy) > Pr(Rgi)|Pp). That is, protests are more
likely to result in a regime favorable to group k(i) if group k(i) leads the protests than when the protests
have no apparent leaders. Since groups are identical and regimes are mutually exclusive, this implies that
a regime in favor of 7 is more likely under leaderless protests than when protests are led by another group,
Pr(Ry(i)|Po) > Pr(Ry(;)|Pisk(i))- Thus, each citizen prefers a successful revolution led by her own group to
a leaderless revolution, but she prefers a leaderless revolution to the status quo (SQ) or a revolution led by

another group.ﬂ

Further denote by v the number of protesters, by B the breadth of support the protests in terms of
demographics including locations, and by L € {@} UG the group leading the protests. The expected utility

of a fence sitter i is then given by:

E [U;(L,v, p)] = Pr(success|v, p) ) [Pr(r|PL)(u;(r) — u;i(SQ))] — (v, p) (1)

reR

1We believe that this probabilistic approach is particularly reasonable in the Egyptian context. For instance, some protesters
might have chosen to sit these protests out if they had known a priori that they would lead to the election of a Muslim
Brotherhood-led parliament and a Muslim Brotherhood president in 2012.



Our assumptions imply the following:

1. Pr(success|v, B) is increasing in v and B. That is, the probability of having a successful revolution is

increasing in both the number of protesters, and the breadth of support.

2. Pr(Ryi)|Pp) > Pr(Ry)|Pisk(iy). That is, for any given level of support, the probability that the
revolution will lead to a regime favorable to i is higher when there is no apparent leader than when
there is a clear leader who is not from i’s group. Since groups are of equal size, as long as there are at
least two groups it follows that a seemingly leaderless revolution will be more attractive to the average

fence sitter.

3. ¢(v, B) is decreasing in v and B. That is, costs of participation are decreasing in the number of protesters

and breadth of support.

Appendix B: Survey Analysis of Media Usage among Egyptians
and Revolutionaries

As a complement to the analysis in the main paper, in this section we leverage two surveys to analyze
differences in media usage patterns among first movers, Egyptians who joined the revolution on later days,
and those who did not participate at all. The first survey we examine is the Egyptian component of Wave
II of the Arab Barometer project. The survey was fielded in Egypt in June 2011, and although it was not
explicitly focused on the revolution, it did include a battery of questions asking respondents about whether
and when they participated in the revolution and their attitudes towards it. It also asks questions about
media usage both in general and during the revolution. The number of respondents was 1,219; 98 (8%) of
these respondents claimed to have participated in protests during the revolution, and 34 (2.8%) claimed to
have participated on January 25, 2011 (Beissinger et ali, 2015). The second survey we analyze is Zeynep
Tufekci’s and Chris Wilson’s (2012) survey on media usage patterns during the Egyptian revolution. This
survey (which we refer to as TDS) was fielded less than a month after Mubarak stepped down and its
sample only includes Egyptians who participated in the revolution (n = 1,048), providing an opportunity
to explore more thoroughly variation within this subset of the Egyptian population. A downside to the
survey is that the respondents were identified using a snowball sampling technique, in which the surveyors
asked respondents for referrals to other revolutionaries. As we discuss further below, we conduct a number

of additional analyses and robustness checks to correct for this potential sampling bias.E

2 There is a risk in both of these surveys that respondents’ answers were shaped by the political context in which the surveys
were fielded; in the post-revolution euphoria of 2011 respondents may have been more likely to claim participation in the



Together these two surveys demonstrate the following two important insights, which add additional weight
to our claim that social media use enabled first mover mobilization. 1) active social media use was higher
among first movers than among Egyptians who participated in later days of protest, who, in turn, used social
media more than those who did not participate in the revolution at all. And 2) social media usage during
the revolution was the strongest predictor of participation in the first day of protests when compared against

use of all other media and information sources.

The first pattern can be discerned in the Arab Barometer data. The Arab Barometer includes several
questions regarding Internet and social media usage. First, it asks respondents in general whether they
use the Internet, Facebook, and Tvvitter.E Second, in the module on the Egyptian revolution, it asks a
much more pointed question about active social media usage during the revolution: “Did you support the
protests against Mubarak through the internet, such as Facebook, Twitter or YouTube?” Table m shows
the distribution of responses to these questions across three mutually exclusive groups: 1) first movers (i.e.,
respondents who participated in the January 25 protests), 2) fence sitters (i.e., respondents who “sat on
the fence” during the first day of protest but joined the revolution on subsequent days), and 3) Egyptians
who did not participate in the revolution. As the table indicates, revolutionaries in general (i.e., both early
movers and fence-sitters) were considerably more likely to be Internet, Facebook, and Twitter users than
Egyptians who did not participate in the revolution. However, there is no meaningful difference between first
movers and fence-sitters. Yet when we compare the distribution of responses to the more specific question,
which asks about active social media use during the revolution, we find a different result. The proportion of
first movers who used Internet-based platforms, like Facebook and Twitter, to actively support the protests
was twice as large as the proportion of fen<:e—sitters.E The takeaway, then, is that, although first movers and
fence-sitters in the revolution were equally likely to be social media users in general, first movers were far

more active on social media during the revolution than fence—sitters.E

revolution’s protests (or, in the case of the TDS survey, the first day of protest). However, we believe the risks to our inferences
from any such biases are minimal. In the case of the TDS survey, the questions were fielded very shortly after the revolution,
leading to less risk of respondent distortions, and there is also less incentive for respondents to falsify their answers regarding
when they may have joined the protests (i.e., joining on day one is not significantly more socially desirable than joining on
day two). In the Arab Barometer there is_some risk that respondents in the summer of 2011 claimed to have participated in
the revolution when they did not. But as Beissinger et al| (2015) point out, the Arab Barometer statistics regarding protester
participation align with those produced in other surveys, lending them additional credibility. Moreover, there is similarly little
reason to believe that respondents in the Arab Barometer who claimed to have protested had a strong incentive to distort when
they joined the revolution. Finally, by triangulating our survey findings with other data sources, particularly interviews with
protesters and activists, we believe we can limit the risk to our inferences from potential respondent biases.

3 The question on Internet use asks about the frequency of Internet use (i.e., daily or almost daily, at least once a week, at
least once a month, a few times a year, non-use). For the purposes of our analysis anyone who uses the Internet, regardless of
frequency, is coded as an Internet user.

4 The differences between the proportion of revolutionaries (i-e., first movers and fence-sitters) and the proportion of non-
revolutionaries using the Internet, Facebook, and Twitter are all statistically significant at a 95% confidence level using a
standard difference of means test. Similarly the difference between the proportion of first movers and the proportion of fence-
sitters who used social media to support the protests is statistically significant at a 95% confidence level .

5 The results show that Internet use, social media use (i.e., either Twitter or Facebook use), and active social media use



Table 1: Internet & Social Media Use Among Egyptians

First Movers Fence-Sitters Non-Revolutionaries

Internet use 50% 52% 16%

Facebook use 38% 33% 7%

Twitter use 9% 8% 1%

Social media use to

support protests 41% 19% 3%
n=34 n=64 n=1,121

Source: Arab Barometer

The difference in social media use between first movers and fence-sitters can also be identified in the
TDS data, which asks several more specific questions about how respondents used various media sources
during the protests. For example, the data show that first movers were more likely than fence-sitters to
send or receive information during the revolution both on Facebook (81% vs. 67%) and on Twitter (19% vs.
9%).E The data also show that respondents who were first movers were more likely than fence-sitters to cite
Facebook as their most important information source during the protests (40% vs. 29%) and one of their

top three information sources (72% vs. 61%).

We can use the Arab Barometer data to further examine the statistical effect of social media use on the
likelihood of participation in the first day of protest, and in the revolution in general. Below we include the
results of four regressions: the first two are run only on the subset of respondents who claim to have partici-
pated in the revolution and use as the dependent variable whether a respondent claims to have participated
in the January 25 protests; the second two are run on the full sample and use as the dependent variable
whether a respondent claims to have participated in protests during the revolution. All four regressions
control for age, gender, college education, and urban location. The key independent variables, which are
derived from the same questions used to produce Table 1 in the main paper, are 1) Internet use, 2) social
media use in general (i.e., use of either Facebook or Twitter), and 3) social media use to support protests

during the revolution. The results of the regressions appear in the table below.

The models demonstrate that Internet, general social media use, and social media use to support the
protests are all strong predictors of participation in the revolution among the full sample of respondents.

More importantly, the only variable included in the two models predicting first mover mobilization among

(i.e., a positive response to the question about supporting the protests through social media) are strong and statistically
significant predictors of participation in the revolution, controlling for age, gender, college education, and urban vs. rural. More
importantly, the only variable predicting participation in the January 25 protests among the smaller subset of revolutionaries,
controlling for the same factors, is the active social media use question.

6 The differences between these proportions and those noted above from the Arab Barometer survey are likely driven by the
significant differences in the two surveys’ samples, with the TDS sample being drawn entirely from Cairo and over-representing
younger, better educated, and more Internet-connected members of the revolutionary coalition.



Table 2: Effect of Internet and Social Media Use on Protest Participation

Dependent variable:

Jan 25 Protest Rev Protest
(1) (2) (3) (4)

Age —0.024 —0.023 —0.005 —0.006

(0.019)  (0.019) (0.009) (0.009)
Female —0.112 —0.135 —1.065"** —1.108***

(0.537) (0.564) (0.258) (0.261)
College —0.372 —0.399 0.688™** 0.643**

(0.478)  (0.502) (0.256) (0.261)
Urban —0.056 —0.107 0.640*** 0.791***

(0.500) (0.522) (0.245) (0.245)
Internet use —0.287 —0.780 0.618* 0.507*

(0.699) (0.621) (0.333) (0.300)
SM use (general) 0.432 0.708**

(0.700) (0.356)
SM to support protests 1.632%** 1.517%*

(0.622) (0.348)

Constant 0.476 0.416 —2.708%** —2.743%**

(0.837)  (0.862) (0.410) (0.411)
Observations 98 98 1,219 1,219
Log Likelihood —61.731 —58.091 —290.942 —283.595
Akaike Inf. Crit. 137.462 130.182 595.884 581.189
Note: *p<0.1; **p<0.05; ***p<0.01

the sub-set of revolutionaries that has a statistically significant effect is social media use to support the

protests.

We can further explore the statistical relationship between social media use and first-mover mobilization
using The TDS survey. Moreover, this survey helpfully allows us to directly compare the effect of social
media use against use of other media sources. The analysis is important because, as noted in the main
paper, protesters during the revolution relied on multiple information sources, making it challenging to
parse the independent effect of any one. A regression analyzing how the use of each information source
affected the probability of day one protest participation, while holding the use of all others constant, offers

one way of testing these independent effects.



The results of this analysis are presented in Figure H The regression’s dependent variable is a binary
outcome variable for participation in day one protest. We test the effect of six different information sources
on the probability of protesting on day one: Facebook, Twitter, satellite TV, text messaging, phone, and
face-to-face interactions, while also controlling for age, gender, and Internet access.E The question in the
survey does more than ask about general use; it explicitly asks whether a respondent used an information
source to “send or receive information about the January 25 protests.” Throughout the TDS survey the term
“January 25 protests” is used to refer to the eighteen days of protest that toppled the Mubarak regime, not
to protests on January 25, 2011 specifically. To Egyptians, who commonly refer to the 2011 revolution as
the “January 25 Revolution,” denoting the eighteen day protests in this way would be relatively natural and
clear. The figure shows the difference in average predicted probability of participation in day one protests
for a protester who used a given media source versus a protester who did not (holding all other variables
at their mean). As it indicates, Facebook and Twitter are the only two media sources whose use during
the revolution predicts participation in the January 25 protests. The average revolutionary who used either
Facebook or Twitter during the protests was significantly more likely to be a first mover than one who did
not use social media. In contrast, satellite TV usage negatively predicts early participation, and there is no

statistically significant effect for phone use, SMS use, or reliance on face-to-face interauctions.E

Bias Correction in TDS Survey Analysis

There is, of course, always a concern that a survey collected through snowball sampling will produce unrep-
resentative data and therefore biased results (Biernacki and Waldorf, 1981); Salganik and Heckathorn, 2004).
In order to assess the representativeness of the “snowballed” sample in the TDS survey, we compare it to the
results of the nationally representative Arab Barometer survey. Figure E compares the results of the TDS
sample across a variety of characteristics to two sub-groups within the Arab Barometer survey: Egyptians
who live in urban settings, and urban Egyptians who participated in the January 25 uprising. There are 520

respondents in the first group, and 65 respondents in the second group.

As the figure indicates, the TDS sample is indeed biased compared to the reference group of urban

7 We selected these six sources, because they were the ones that interviewees most mentioned as being important during the
revolution. However, the survey also asked about the use of radio, print media, blogs, and email. We also run the analysis with
these variables included, and the results do not change.

8 This is not to deny the importance of older, more traditional source of information during the revolution. As noted
above, during later stages of the uprising, particularly after Internet platforms were interrupted or shut down, more traditional
forms of communication became far more important (Hassanpour, 2014). Even during the the first protest, other methods
of communication were certainly used, including mobile phones, face-to-face communication, and emailing. But often these
communication forms were used in interaction with social media - for example, as discussed further below, activists’ mobile
phone numbers were posted on Facebook pages, and protesters discussed the protest plans with their friends after learning about
them on Facebook. In this sense social media seems to have complemented and enhanced the usefulness of other platforms
during this early stage of mobilization.



Figure 4: Effect of Key Information Sources on Probability of Day 1 Protest Participation
among All Protesters
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protesters. The sample tends to be younger, better educated, and more connected to the Internet than the

average urban protester.

In order to ensure that the conclusions we draw in the paper are not being skewed by this biased sample,
we use a variety of weighting techniques to “fix” the bias in the TDS sample and then re-analyze it. We
employ five different weighting techniques and assess which technique does the best job of matching the TDS

sample to the subset of urban protesters in the Arab Barometer.

The first technique entails a straightforward logistic regression model. We combine the Arab Barometer
sub-sample with the TDS sample, and run a model predicting the probability of being an AB observation
given this combined sample i.e.:

Pr(AB|AB + TDS)

We run this model using the following covariates: age, female, internet, college. We also use pre-developed
weights for the Arab Barometer observations, to ensure that these observations are themselves representative

of the true national sample. We then use this model to predict the probability that each TDS observation



Figure 5: TDS Sample vs. Arab Barometer

Over 30 Years Old
AB (Urban Egyptians) —
AB (Urban Protesters) —_—
TDS -

Female
AB (Urban Egyptians) —_—
AB (Urban Protesters) S e—

TDS -

BA Degree or Above
AB (Urban Egyptians) —
AB (Urban Protesters) S S—
TDS —

Internet User
AB (Urban Egyptians) —
AB (Urban Protesters) I S—
TDS —

Union Member

AB (Urban Egyptians) —
AB (Urban Protesters) —_—
TDS —~

Charitable Assn Member

AB (Urban Egyptians) -
AB (Urban Protesters) —_—
TDS —~
I I I I I I
0.0 0.2 0.4 0.6 0.8 1.0
Proportion
is in the AB sample (7r). Our weights are constructed as 17~ for each observation.

The second through fifth techniques employ common matching methods designed to develop propensity
scores in causal inference analyses. We use propensity score matching, covariate balancing propensity score

(CBPS) matching, entropy balancing, and a matching method using support vector machines (SVM).

We develop weight vectors using all five methods and then recalculate the means in the TDS sample,
this time using the weights. The results of this exercise are displayed in Figure E, where we compare the

rescaled means to the original TDS mean and to the AB’s urban protesters across the four covariates of age,



Figure 6: Adjusted TDS Sample vs. Arab Barometer
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female, internet, and colleg;e.g As the figure suggests, entropy balancing does the best job of fixing the bias
in the TDS sample, with the new means almost exactly in line with those of the AB saurnple.E We therefore

proceed with our analysis using the weights developed through entropy balancing.@

The original analysis presented in Figure @ showed that, in the unweighted sample, Facebook and Twitter

9 The means of “charity” and “union” do not change meaningfully after these weights are applied.

10 Entropy balancing has an additional advantage over propensity score, CBPS, and SVM matching. Whereas each of these
three approaches gives weighs of 0 to a majority of observations, the entropy weights are greater than 0 across all observations,
allowing us to leverage information from all observations in the sample in our analysis (rather than a small subset thereof).

11 As robustness checks, we also run the analysis using the predicted probably weights and the SVM weights. In the former
Facebook, Twitter, and phone use predict day one participation, and in the latter only Facebook does (standard errors in this
model are much higher due to the high number of 0 weights). When we conduct the analysis using the CBPS and Propensity
score weights the models produce multicollinearity.



Figure 7: Effect of Various Information Sources on Predicted Probability of Day 1 Protest
(Weighted Model)
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use were the only significant predictors of day one protest. Here we produce the comparable figure using a
model that relies on the entropy balance weights (Figure H) As with Figure H, the figure shows the difference
in average predicted probability of day one protest for a protester who used a given media source versus
a protester who did not. The results do not differ markedly from those in the unweighted model. In the
unweighted model satellite TV had a strong negative effect on likelihood of day one protest, whereas both
Twitter and Facebook had a positive effect. Phone use also seemed to have a positive effect, although the

statistical significance was not as strong.

In the weighted model both Facebook and Twitter continue to be strong predictors of day one protest,
though now the effect of Facebook is slightly stronger than Twitter. Phone use also emerges as a strong and
statistically significant predictor of day one protest, and satellite TV, though still a negative predictor, is
now no longer statistically significant. By and large, “fixing” the bias in the sample does not meaningfully

change the overarching finding that using social media during the uprising was a strong predictor of early

10



participation in protests.

Full Results of TDS Regressions

In the table below we include the full regression results for both the original unweighted and weighted versions
of the TDS analysis discussed above. Both models used the same sets of covariates, and controlled for age,

gender, and Internet use.

Table 3: Effect of Media Usage on Jan 25 Protest Participation

Dependent variable: Jan 25 Protest
Original Model =~ Weighted Model

(1) (2)
Age 0.019** 0.007
(0.008) (0.006)
Female —0.294* —0.548"**
(0.166) (0.168)
Internet access 0.153 0.096
(0.218) (0.193)
Phone use 0.355* 0.695%**
(0.191) (0.195)
TV use —0.634** —0.434
(0.259) (0.280)
SMS use 0.221 0.027
(0.139) (0.151)
Twitter use 0.678*** 0.539**
(0.196) (0.239)
Facebook use 0.762*** 0.814***
(0.195) (0.200)
Face-to-face —0.006 —0.369
(0.282) (0.329)
Constant —1.796*** —1.383***
(0.485) (0.487)
Observations 1,039 1,039
Log Likelihood —629.220 —551.523
Akaike Inf. Crit. 1,278.440 1,123.046

Note:

*p<0.1; **p<0.05; ***p<0.01

11



Appendix C: Details for January 25 Protest from “We Are All

Khaled Said” Facebook Page

To help personalize content, tailor and measure ads, and provide a safer experie /e use cookies. By clicking or navigating the site, you agree to allow our collection of

information on and off Facebook through cooki earn more, including about availal ookies Policy.
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Appendix D: Twitter Topic Modeling

To conduct the topic modeling analysis of Egypt-based tweets we first divided the time frame around the
protests into six distinct periods. We ran topic modeling with five topics for each period, and manually
categorized these topics according to our evaluation of the types of information being communicated. There
was a degree of subjectivity to these evaluations, which is why we reproduce all 30 of the topics below. We
code a topic “opinions and slogans” if it seems to be articulating a set of prescriptive or diagnostic frames
about the state of Egypt and its capacity to change. Often these topics explicitly reflect the discourse used
during the revolution (like non-violence and a civil state) and make reference to themes that were central in
the protesters’ demands (like policy brutality). They also tend to reference important symbols (both positive
and negative) of the revolution, including the example of Tunisia, the killing of Khaled Said (a metaphor
for police violence), Hosni Mubarak and his close ally Omar Suleiman, and the influential activists Wael
Ghoneim. We code a topic “coordination” if its content refers to protest planning and logistics, including
the direct enumeration of event details (like protest locations, or dates and times) or the identification of
sources where event details could be found (like key phone numbers, Facebook pages, or Twitter handles).
We code a topic “news and updates” when its content includes information about events happening in real-
time, like dynamics of protesting or the actions of security forces. We code a topic “documentation” if its
content appears to be directly providing documentation of or linking to content providing documentation
of violence or brutality during the protests. We code a topic “referrals” if its content seems to be directing
protesters to another media outlet, usually a print or TV news source that was providing coverage of the

protests. “Other” is used for topics that do not fit well into any of these categories.

The first two periods, January 22-23 and January 24 are the preparations for January 25. Most topics in
this period, as can be seen are sharing of opinions and slogans, as well as coordination about the upcoming
protests. On January 25, news and updates dominates the discourse on Twitter. Opinions and slogans are
still widely discussed. Between January 26 and 28 Twitter is blocked in Egypt, however the few tweets that
appear in that period reflect similar patterns to January 25; users share news and updates and document
violence (particularly in Suez). Between February 2-10, during the sit-in in Tahrir Square, most discussions
revolve around opinions about the political situation, and the future of the protests. On February 11 Mubarak
steps down, and there is a huge spike in Twitter activity. The discourse on Twitter again mostly revolves

around political opinions and slogans.
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Date:

January 22 - January 23

Topic 1 |Topic 2 Topic 3 |Topic 4 Topic 5
jan25 egypt jan25 »b e
Je jan25 dus fs jan25
egypt protest ab sl da M
M olas wael 2011 BT
elshahee il >y Lpaall lyalas
sidibouzid tunisia s dst )
oWy egyptian jan25 Ao oSl ool
Je via U ebl F=]
bl oSl Uai> shmpongo mubarak
)l ramyraoof sy LB Koo
|Category: Opinions & slogans |Caardination |Opinians & slogans |Coordination |Opini0ns & slogans
|Date: January 24
Topic 1 |Topic 2 |Topic 3 |Topic 4 |Topic 5
jan25 jan25 jan25 egypt £
55 de Y5 jan2s eis
s Gl )94l protest egypt
I egypt alyaagad will e
jan25 s 4ds tomorrow il
a>lg Al &Yl mubarak jan2s
8)95 elshahee S carloslatuff ooVl
al Olie )k ramyraoof Jsf
A wael &= egyptian jan
Jb umasdl peopl support bl
|Category: Coordination |Other |Opinians & slogans |Opinions & slogans |Cuurdination
|Date: January 25
Topic 1 |Topic 2 |Topic 3 |Topic 4 |Topic 5
jan25 protest jan25 o9l egypt
bl polic Je ooalazall jan25
Jls cairo L_)J! Oldue an
jan25 jan25 ool >l egyrevolt
gamaleid now 2l &\ shorouknew
bl tahrir e Je freeegypt
oIl egyptian ool daalr £
25egypt peopl ol ol wlyalae
aidl street d=le solaie Byl
ool today §) gaakall oYl sidibouzid
|Category: News & updates |News & updates |Opinians & slogans |News & updates |Referra/s
|Date: January 26 - January 28
Topic 1 |Topic 2 |Topic 3 |Topic 4 |Topic 5
egypt jan25 egypt alaa jan25
jan25 egypt Do I suez
sl egyptian ad =il protest
de 4 oY J=e ianinegypt
jan25 o salas wlallae street
tahrir compani A=) asadx ‘_falﬂi
= minazekri leeh monasosh fire
s take 5‘?:»3 d@g malek
mubarak 8L> jarelkamar Jgaxall video
ooyaliaall dezxa oy @lods >
|Category: News & updates |Other |Other |News & updates |Dacumentation
|Date: February 2 - February 10
Topic 1 |Topic 2 |Topic 3 |Topic 4 |Topic 5
jan25 s mubarak jan25 jan25
egypt Je revolut egypt i
tahrir aidl protest tahrir ol
3arabawi jan25 peopl ghonim jan25
new 891 will egyptian cairo
alarabiyaar A squar now Olse
alarabiya ol today via egypt
S pladl just wael freeegypt
almasryalyouma JI armi dear Ologlee
[KVY & now pleas eyl
|Category: Referrals |Opinions & slogans |Opinians & slogans |Opinion5 & slogans |Opin/'ons & slogans
|Date: February 11
Topic 1 |Topic 2 |Topic 3 |Topic 4 |Topic 5
25-Jan e 25-Jan tahrir egyptian
egypt 25-Jan egypt Dl will
mubarak s revolut egypt peopl
tahrir sl 4l 25-Jan protest
ghonim )94l day alarabiya armi
now S thank alarabiyaar palac
cairo ~ad celebr Sl now
presid H Oleds 25-Jan back
aljazeera eladl freedom freeegypt say
Jily Ol live Jx world
Category: |Opinions & slogans |Opinions & slogans |Opinians & slogans |Other Opinions & slogans




