
Appendix A: Formal Model

In this section we introduce a short and highly stylized model to formalize the intuition as to why size, scope

and apparent leaderlessness are protest characteristics that are likely to trigger cascades of mobilization.

The model is intended merely to supplement the main paper; the reader should feel free to skip it if they

feel comfortable with the theory of the paper as presented in the main text.

Suppose that the population consists of n citizens indexed by i, and |G| groups of equal size indexed by

g. Let k(i) ∈ G denote the group individual i identifies with. Starting from the observation that previous

anti-government protests in Egypt where the leaders were clear (e.g. independent unions, the Muslim

Brotherhood) did not trigger protest cascades, we claim that fence sitters care not only about overthrowing

the government, but also about what might replace it should the revolution succeed. Whoever leads a

successful revolution will have a much stronger chance of also leading the new regime. If there is no clear

leader, however, then each group may feel that they have a greater chance of claiming power afterwards than

if the revolution was led by some other group.

To capture this intuition, we assume that the protests can either be led by one of the groups, in which

case we denote it by Pg with g ∈ G, or it may have no apparent leader in which case we denote it by P∅.

We denote by {R1, R2, . . . , R|G|, SQ} = R the set of all possible regimes, where Rk refers to rule in favor

of group k, and SQ refers to the status quo. We use r to refer to a generic element of R. In line with

the previous discussion, we assume that for all i, Pr(Rk(i)|Pk(i)) > Pr(Rk(i)|P∅). That is, protests are more

likely to result in a regime favorable to group k(i) if group k(i) leads the protests than when the protests

have no apparent leaders. Since groups are identical and regimes are mutually exclusive, this implies that

a regime in favor of i is more likely under leaderless protests than when protests are led by another group,

Pr(Rk(i)|P∅) > Pr(Rk(i)|Pj ̸=k(i)). Thus, each citizen prefers a successful revolution led by her own group to

a leaderless revolution, but she prefers a leaderless revolution to the status quo (SQ) or a revolution led by

another group.1

Further denote by ν the number of protesters, by β the breadth of support the protests in terms of

demographics including locations, and by L ∈ {∅} ∪ G the group leading the protests. The expected utility

of a fence sitter i is then given by:

E [Ui(L, ν, β)] = Pr(success|ν, β) ∑
r∈R

[Pr(r|PL)(ui(r)− ui(SQ))]− c(ν, β) (1)

1We believe that this probabilistic approach is particularly reasonable in the Egyptian context. For instance, some protesters
might have chosen to sit these protests out if they had known a priori that they would lead to the election of a Muslim
Brotherhood-led parliament and a Muslim Brotherhood president in 2012.
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Our assumptions imply the following:

1. Pr(success|ν, β) is increasing in ν and β. That is, the probability of having a successful revolution is

increasing in both the number of protesters, and the breadth of support.

2. Pr(Rk(i)|P∅) > Pr(Rk(i)|Pj ̸=k(i)). That is, for any given level of support, the probability that the

revolution will lead to a regime favorable to i is higher when there is no apparent leader than when

there is a clear leader who is not from i’s group. Since groups are of equal size, as long as there are at

least two groups it follows that a seemingly leaderless revolution will be more attractive to the average

fence sitter.

3. c(ν, β) is decreasing in ν and β. That is, costs of participation are decreasing in the number of protesters

and breadth of support.

Appendix B: Survey Analysis of Media Usage among Egyptians

and Revolutionaries

As a complement to the analysis in the main paper, in this section we leverage two surveys to analyze

differences in media usage patterns among first movers, Egyptians who joined the revolution on later days,

and those who did not participate at all. The first survey we examine is the Egyptian component of Wave

II of the Arab Barometer project. The survey was fielded in Egypt in June 2011, and although it was not

explicitly focused on the revolution, it did include a battery of questions asking respondents about whether

and when they participated in the revolution and their attitudes towards it. It also asks questions about

media usage both in general and during the revolution. The number of respondents was 1,219; 98 (8%) of

these respondents claimed to have participated in protests during the revolution, and 34 (2.8%) claimed to

have participated on January 25, 2011 (Beissinger et al., 2015). The second survey we analyze is Zeynep

Tufekci’s and Chris Wilson’s (2012) survey on media usage patterns during the Egyptian revolution. This

survey (which we refer to as TDS) was fielded less than a month after Mubarak stepped down and its

sample only includes Egyptians who participated in the revolution (n = 1,048), providing an opportunity

to explore more thoroughly variation within this subset of the Egyptian population. A downside to the

survey is that the respondents were identified using a snowball sampling technique, in which the surveyors

asked respondents for referrals to other revolutionaries. As we discuss further below, we conduct a number

of additional analyses and robustness checks to correct for this potential sampling bias.2

2 There is a risk in both of these surveys that respondents’ answers were shaped by the political context in which the surveys
were fielded; in the post-revolution euphoria of 2011 respondents may have been more likely to claim participation in the
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Together these two surveys demonstrate the following two important insights, which add additional weight

to our claim that social media use enabled first mover mobilization. 1) active social media use was higher

among first movers than among Egyptians who participated in later days of protest, who, in turn, used social

media more than those who did not participate in the revolution at all. And 2) social media usage during

the revolution was the strongest predictor of participation in the first day of protests when compared against

use of all other media and information sources.

The first pattern can be discerned in the Arab Barometer data. The Arab Barometer includes several

questions regarding Internet and social media usage. First, it asks respondents in general whether they

use the Internet, Facebook, and Twitter.3 Second, in the module on the Egyptian revolution, it asks a

much more pointed question about active social media usage during the revolution: “Did you support the

protests against Mubarak through the internet, such as Facebook, Twitter or YouTube?” Table 1 shows

the distribution of responses to these questions across three mutually exclusive groups: 1) first movers (i.e.,

respondents who participated in the January 25 protests), 2) fence sitters (i.e., respondents who “sat on

the fence” during the first day of protest but joined the revolution on subsequent days), and 3) Egyptians

who did not participate in the revolution. As the table indicates, revolutionaries in general (i.e., both early

movers and fence-sitters) were considerably more likely to be Internet, Facebook, and Twitter users than

Egyptians who did not participate in the revolution. However, there is no meaningful difference between first

movers and fence-sitters. Yet when we compare the distribution of responses to the more specific question,

which asks about active social media use during the revolution, we find a different result. The proportion of

first movers who used Internet-based platforms, like Facebook and Twitter, to actively support the protests

was twice as large as the proportion of fence-sitters.4 The takeaway, then, is that, although first movers and

fence-sitters in the revolution were equally likely to be social media users in general, first movers were far

more active on social media during the revolution than fence-sitters.5

revolution’s protests (or, in the case of the TDS survey, the first day of protest). However, we believe the risks to our inferences
from any such biases are minimal. In the case of the TDS survey, the questions were fielded very shortly after the revolution,
leading to less risk of respondent distortions, and there is also less incentive for respondents to falsify their answers regarding
when they may have joined the protests (i.e., joining on day one is not significantly more socially desirable than joining on
day two). In the Arab Barometer there is some risk that respondents in the summer of 2011 claimed to have participated in
the revolution when they did not. But as Beissinger et al. (2015) point out, the Arab Barometer statistics regarding protester
participation align with those produced in other surveys, lending them additional credibility. Moreover, there is similarly little
reason to believe that respondents in the Arab Barometer who claimed to have protested had a strong incentive to distort when
they joined the revolution. Finally, by triangulating our survey findings with other data sources, particularly interviews with
protesters and activists, we believe we can limit the risk to our inferences from potential respondent biases.

3 The question on Internet use asks about the frequency of Internet use (i.e., daily or almost daily, at least once a week, at
least once a month, a few times a year, non-use). For the purposes of our analysis anyone who uses the Internet, regardless of
frequency, is coded as an Internet user.

4 The differences between the proportion of revolutionaries (i.e., first movers and fence-sitters) and the proportion of non-
revolutionaries using the Internet, Facebook, and Twitter are all statistically significant at a 95% confidence level using a
standard difference of means test. Similarly the difference between the proportion of first movers and the proportion of fence-
sitters who used social media to support the protests is statistically significant at a 95% confidence level .

5 The results show that Internet use, social media use (i.e., either Twitter or Facebook use), and active social media use
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Table 1: Internet & Social Media Use Among Egyptians

First Movers Fence-Sitters Non-Revolutionaries
Internet use 50% 52% 16%
Facebook use 38% 33% 7%
Twitter use 9% 8% 1%
Social media use to
support protests 41% 19% 3%

n=34 n=64 n=1,121
Source: Arab Barometer

The difference in social media use between first movers and fence-sitters can also be identified in the

TDS data, which asks several more specific questions about how respondents used various media sources

during the protests. For example, the data show that first movers were more likely than fence-sitters to

send or receive information during the revolution both on Facebook (81% vs. 67%) and on Twitter (19% vs.

9%).6 The data also show that respondents who were first movers were more likely than fence-sitters to cite

Facebook as their most important information source during the protests (40% vs. 29%) and one of their

top three information sources (72% vs. 61%).

We can use the Arab Barometer data to further examine the statistical effect of social media use on the

likelihood of participation in the first day of protest, and in the revolution in general. Below we include the

results of four regressions: the first two are run only on the subset of respondents who claim to have partici-

pated in the revolution and use as the dependent variable whether a respondent claims to have participated

in the January 25 protests; the second two are run on the full sample and use as the dependent variable

whether a respondent claims to have participated in protests during the revolution. All four regressions

control for age, gender, college education, and urban location. The key independent variables, which are

derived from the same questions used to produce Table 1 in the main paper, are 1) Internet use, 2) social

media use in general (i.e., use of either Facebook or Twitter), and 3) social media use to support protests

during the revolution. The results of the regressions appear in the table below.

The models demonstrate that Internet, general social media use, and social media use to support the

protests are all strong predictors of participation in the revolution among the full sample of respondents.

More importantly, the only variable included in the two models predicting first mover mobilization among
(i.e., a positive response to the question about supporting the protests through social media) are strong and statistically
significant predictors of participation in the revolution, controlling for age, gender, college education, and urban vs. rural. More
importantly, the only variable predicting participation in the January 25 protests among the smaller subset of revolutionaries,
controlling for the same factors, is the active social media use question.

6 The differences between these proportions and those noted above from the Arab Barometer survey are likely driven by the
significant differences in the two surveys’ samples, with the TDS sample being drawn entirely from Cairo and over-representing
younger, better educated, and more Internet-connected members of the revolutionary coalition.
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Table 2: Effect of Internet and Social Media Use on Protest Participation

Dependent variable:
Jan 25 Protest Rev Protest
(1) (2) (3) (4)

Age −0.024 −0.023 −0.005 −0.006
(0.019) (0.019) (0.009) (0.009)

Female −0.112 −0.135 −1.065∗∗∗ −1.108∗∗∗
(0.537) (0.564) (0.258) (0.261)

College −0.372 −0.399 0.688∗∗∗ 0.643∗∗
(0.478) (0.502) (0.256) (0.261)

Urban −0.056 −0.107 0.640∗∗∗ 0.791∗∗∗
(0.500) (0.522) (0.245) (0.245)

Internet use −0.287 −0.780 0.618∗ 0.507∗
(0.699) (0.621) (0.333) (0.300)

SM use (general) 0.432 0.708∗∗
(0.700) (0.356)

SM to support protests 1.632∗∗∗ 1.517∗∗∗
(0.622) (0.348)

Constant 0.476 0.416 −2.708∗∗∗ −2.743∗∗∗
(0.837) (0.862) (0.410) (0.411)

Observations 98 98 1,219 1,219
Log Likelihood −61.731 −58.091 −290.942 −283.595
Akaike Inf. Crit. 137.462 130.182 595.884 581.189

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01

the sub-set of revolutionaries that has a statistically significant effect is social media use to support the

protests.

We can further explore the statistical relationship between social media use and first-mover mobilization

using The TDS survey. Moreover, this survey helpfully allows us to directly compare the effect of social

media use against use of other media sources. The analysis is important because, as noted in the main

paper, protesters during the revolution relied on multiple information sources, making it challenging to

parse the independent effect of any one. A regression analyzing how the use of each information source

affected the probability of day one protest participation, while holding the use of all others constant, offers

one way of testing these independent effects.
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The results of this analysis are presented in Figure 4. The regression’s dependent variable is a binary

outcome variable for participation in day one protest. We test the effect of six different information sources

on the probability of protesting on day one: Facebook, Twitter, satellite TV, text messaging, phone, and

face-to-face interactions, while also controlling for age, gender, and Internet access.7 The question in the

survey does more than ask about general use; it explicitly asks whether a respondent used an information

source to “send or receive information about the January 25 protests.” Throughout the TDS survey the term

“January 25 protests” is used to refer to the eighteen days of protest that toppled the Mubarak regime, not

to protests on January 25, 2011 specifically. To Egyptians, who commonly refer to the 2011 revolution as

the “January 25 Revolution,” denoting the eighteen day protests in this way would be relatively natural and

clear. The figure shows the difference in average predicted probability of participation in day one protests

for a protester who used a given media source versus a protester who did not (holding all other variables

at their mean). As it indicates, Facebook and Twitter are the only two media sources whose use during

the revolution predicts participation in the January 25 protests. The average revolutionary who used either

Facebook or Twitter during the protests was significantly more likely to be a first mover than one who did

not use social media. In contrast, satellite TV usage negatively predicts early participation, and there is no

statistically significant effect for phone use, SMS use, or reliance on face-to-face interactions.8

Bias Correction in TDS Survey Analysis

There is, of course, always a concern that a survey collected through snowball sampling will produce unrep-

resentative data and therefore biased results (Biernacki and Waldorf, 1981; Salganik and Heckathorn, 2004).

In order to assess the representativeness of the “snowballed” sample in the TDS survey, we compare it to the

results of the nationally representative Arab Barometer survey. Figure 5 compares the results of the TDS

sample across a variety of characteristics to two sub-groups within the Arab Barometer survey: Egyptians

who live in urban settings, and urban Egyptians who participated in the January 25 uprising. There are 520

respondents in the first group, and 65 respondents in the second group.

As the figure indicates, the TDS sample is indeed biased compared to the reference group of urban
7 We selected these six sources, because they were the ones that interviewees most mentioned as being important during the

revolution. However, the survey also asked about the use of radio, print media, blogs, and email. We also run the analysis with
these variables included, and the results do not change.

8 This is not to deny the importance of older, more traditional source of information during the revolution. As noted
above, during later stages of the uprising, particularly after Internet platforms were interrupted or shut down, more traditional
forms of communication became far more important (Hassanpour, 2014). Even during the the first protest, other methods
of communication were certainly used, including mobile phones, face-to-face communication, and emailing. But often these
communication forms were used in interaction with social media - for example, as discussed further below, activists’ mobile
phone numbers were posted on Facebook pages, and protesters discussed the protest plans with their friends after learning about
them on Facebook. In this sense social media seems to have complemented and enhanced the usefulness of other platforms
during this early stage of mobilization.
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Figure 4: Effect of Key Information Sources on Probability of Day 1 Protest Participation
among All Protesters
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protesters. The sample tends to be younger, better educated, and more connected to the Internet than the

average urban protester.

In order to ensure that the conclusions we draw in the paper are not being skewed by this biased sample,

we use a variety of weighting techniques to “fix” the bias in the TDS sample and then re-analyze it. We

employ five different weighting techniques and assess which technique does the best job of matching the TDS

sample to the subset of urban protesters in the Arab Barometer.

The first technique entails a straightforward logistic regression model. We combine the Arab Barometer

sub-sample with the TDS sample, and run a model predicting the probability of being an AB observation

given this combined sample i.e.:

Pr(AB|AB + TDS)

We run this model using the following covariates: age, female, internet, college. We also use pre-developed

weights for the Arab Barometer observations, to ensure that these observations are themselves representative

of the true national sample. We then use this model to predict the probability that each TDS observation
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Figure 5: TDS Sample vs. Arab Barometer
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is in the AB sample (π). Our weights are constructed as π
1−π for each observation.

The second through fifth techniques employ common matching methods designed to develop propensity

scores in causal inference analyses. We use propensity score matching, covariate balancing propensity score

(CBPS) matching, entropy balancing, and a matching method using support vector machines (SVM).

We develop weight vectors using all five methods and then recalculate the means in the TDS sample,

this time using the weights. The results of this exercise are displayed in Figure 6, where we compare the

rescaled means to the original TDS mean and to the AB’s urban protesters across the four covariates of age,
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Figure 6: Adjusted TDS Sample vs. Arab Barometer
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female, internet, and college.9 As the figure suggests, entropy balancing does the best job of fixing the bias

in the TDS sample, with the new means almost exactly in line with those of the AB sample.10 We therefore

proceed with our analysis using the weights developed through entropy balancing.11

The original analysis presented in Figure 4 showed that, in the unweighted sample, Facebook and Twitter
9 The means of “charity” and “union” do not change meaningfully after these weights are applied.

10 Entropy balancing has an additional advantage over propensity score, CBPS, and SVM matching. Whereas each of these
three approaches gives weighs of 0 to a majority of observations, the entropy weights are greater than 0 across all observations,
allowing us to leverage information from all observations in the sample in our analysis (rather than a small subset thereof).

11 As robustness checks, we also run the analysis using the predicted probably weights and the SVM weights. In the former
Facebook, Twitter, and phone use predict day one participation, and in the latter only Facebook does (standard errors in this
model are much higher due to the high number of 0 weights). When we conduct the analysis using the CBPS and Propensity
score weights the models produce multicollinearity.
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Figure 7: Effect of Various Information Sources on Predicted Probability of Day 1 Protest
(Weighted Model)
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use were the only significant predictors of day one protest. Here we produce the comparable figure using a

model that relies on the entropy balance weights (Figure 7). As with Figure 4, the figure shows the difference

in average predicted probability of day one protest for a protester who used a given media source versus

a protester who did not. The results do not differ markedly from those in the unweighted model. In the

unweighted model satellite TV had a strong negative effect on likelihood of day one protest, whereas both

Twitter and Facebook had a positive effect. Phone use also seemed to have a positive effect, although the

statistical significance was not as strong.

In the weighted model both Facebook and Twitter continue to be strong predictors of day one protest,

though now the effect of Facebook is slightly stronger than Twitter. Phone use also emerges as a strong and

statistically significant predictor of day one protest, and satellite TV, though still a negative predictor, is

now no longer statistically significant. By and large, “fixing” the bias in the sample does not meaningfully

change the overarching finding that using social media during the uprising was a strong predictor of early
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participation in protests.

Full Results of TDS Regressions

In the table below we include the full regression results for both the original unweighted and weighted versions

of the TDS analysis discussed above. Both models used the same sets of covariates, and controlled for age,

gender, and Internet use.

Table 3: Effect of Media Usage on Jan 25 Protest Participation

Dependent variable: Jan 25 Protest
Original Model Weighted Model

(1) (2)
Age 0.019∗∗ 0.007

(0.008) (0.006)

Female −0.294∗ −0.548∗∗∗
(0.166) (0.168)

Internet access 0.153 0.096
(0.218) (0.193)

Phone use 0.355∗ 0.695∗∗∗
(0.191) (0.195)

TV use −0.634∗∗ −0.434
(0.259) (0.280)

SMS use 0.221 0.027
(0.139) (0.151)

Twitter use 0.678∗∗∗ 0.539∗∗
(0.196) (0.239)

Facebook use 0.762∗∗∗ 0.814∗∗∗
(0.195) (0.200)

Face-to-face −0.006 −0.369
(0.282) (0.329)

Constant −1.796∗∗∗ −1.383∗∗∗
(0.485) (0.487)

Observations 1,039 1,039
Log Likelihood −629.220 −551.523
Akaike Inf. Crit. 1,278.440 1,123.046

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
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Appendix C: Details for January 25 Protest from “We Are All

Khaled Said” Facebook Page

Email or Phone Password

Log In

Forgot account?

Sign Up

25 January - ریانی موی 25  لیصافت 
January 24, 2011 at 5:53am

سيوك يد  ةحفصلا  فوشت  ناشع 

لضفأ هد  كنيللا  ىلع  لخدت  تير  اي 

http://bit.ly/Egypt25

انه نم  اهارقا  شلغتشم  كنيللا  ول 

 

نحن نم 

تلمعتا كوبسيفلا  ىلع  ةحفص  يهو  ديعس  دلاخ  انلك  ةحفص  نم  رياني  موي 25  رهاظتلل  ةوعدلا  تأدب 

وينوي ةيردنكسإ  يف  عراشلا  يف  برضلاو  بيذعتلا  نم  لتقتا  يللا  ديعس  دلاخ  ديهشلا  ةيضق  ناشع 

ترشن ام  دعبو  .ةيبعش  وأ  ةيسايس  ىوق  يأ  نم  اهل  اططخم  نكي  ملو  ةيوفع  تناك  ةوعدلا  . 2010

عبتت ةحفصلا لا  .ةركفلا  رشنو  ةكراشملاب  ةبلاطملل  نييرصملا  لك  عجشت  سنوت  ثادحأ  ببسبو  ةوعدلا 

لكل يه  ةركف  وأ  اصخش  ديؤت  يهو لا  اهتاذب  ةلقتسم  ةحفصلاف  ةيعمج  وأ  ةكرح  وأ  ةعامج  وأ  بزح  يأ 

يف ءاضعلأا  نم  ةيتاذ  دوهج  ىلع  ةمئاق  ةحفصلاو  .مهقوقح  نع  عافدلا  نوديري  نيذلا  نييرصملا 

.اهحاجن رس  ناك  هدو  ةحفصلا 

 

؟ رهاظتن اذامل 

ةموكحلا اهركذت  يتلا  ريراقتلا  مغربف  .يحاونلا  لك  يف  ةيخيراتلا  اهلحارم  أوسأ  نم  ةدحاوب  رصم  رمت 

وه موي 25  اعيمج  انولزنو  .ريراقتلا  كلت  نع  ةفلتخم  ةقيقحلا  فسلألو  هنأ  لاإ  ةروصلا  ليمجتل  ةيرصملا 

ةيباجيلإا نم  ةديدج  ةحفصل  ةيادبو  اندلاب  يف  ثدحي  امل  عونخلاو  اضرلاو  تمصلا  لك  ةياهن  ةياهنلل ، ةيادب 

اهل لوقنل  ةموكحلا  دض  ةروث  وه  نكل  بلاقنإ  ىنعمب  ةروث  شم  وه  رياني  موي 25  .قوقحلاب  ةبلاطملاو 

.مويلا دعب  تكسن  نلو  انقوقح  لك  ذخأنسو  ضعبلا  انضعب  نوؤشب  مامتهلاا  انأدب  اننأ 

 

ةئام نم  رثكأو  ميسجلا  بائتكلااب  ىضرم  صنو  نويلم  مهنم  بائتكلااب  ضيرم  يرصم  نويلم  كانهف 30 

مهنم ريقف  نويلم  انيدل  48  .صخش  ةافو 5000  يف  تببست  ماع 2009  للاخ  راحتنا  ةلواحم  فلأ 

نويلم مهنمو  ىوأم  يأ  نودب  يرصم  نويلم  انيدل 12  .عقدم  رقف  يف  نوشيعي  نويلملا  فصنو  نانويلم 

.رباقملا   يف  نوشيعي  فصنو 

 

ماع للاخ  هينج   رايلم  نم 39  رثكأب  اعيمج  اهتميق  ديزت  داسف  اياضق  دوجو  ىلإ  ىدأ  يجهنم  داسف  كانه 

لتحت رصمو  .طقف  دحاو 

.يموكحلا داسفلا  ثيح  نم  نيملاعلا  ةيسفانتلا  ريرقت  يف  ةلود  نيب 139  زكرملا 115 

 

زكرملا لتحت  رصمو  تزواجت 30 % بابشلا  نيب  ةلاطبلا  ةبسنو  لطاع  باش  نويلم  نم 3  رثكأ  كانه 

.فيظوتلا يف  ةيفافشلا  لدعم  يف  ةلود  نيب 139  ريخلأا 

 

رصم لافطأ  فصنو  .ةدلاو  لك 1000  لافط  نيسمخ  عقاوب  ملاعلا  يف  لافطلأا  تايفول  لدعم  ىلعأ  انيدل 

باصم فلأ  نم 100  رثكأ  انيدلو  .يس  سوريفب  باصم  صخش  نييلام  ايمينأب و8   نوباصم  ابيرقت 

.نطاوم فلأ  لكل 35  فاعسإ  ةرايس  اتيدلو  هايملا .  ثولت  ببسب  ايونس  ناطرسلاب 

 

مهنم فلالآا  ىلع  ضبقلاو  بيذعتلا  نم  نييرصملا  تارشع  ةافو  يف  ببست  ئراوطلل  نوناق  رصم  يف 

نييسايسلا ةبقارمل  نملأا  مادختسا  ببسبو  .مهيلع  ضبقلا  تايلمعل  ينوناق  دنس  يأ  دوجو  نود 

بزحلا نأ  ىلإ  تدأ  بعشلا  سلجم  تاباختنا  يف  حضاف  ريوزت  كلذ  نع  جتن  دقف  مهطاشن  ضاهجإو 

.سلجملا دعاقم  نم  ةئاملاب  نيعست  نم  رثكأ  ىلع  لصحي  مكاحلا 

 

.ويديفلا اذه  ةدهاشم  ىجري  تامولعملا  هذه  رداصمو  ديزملا  ةفرعمل 

 

؟ رياني موي 25  اذامل 

هشويجو هتابابدب  يناطيربلا  شيجلا  ةيداعلا  مهقدانبب  ةطرشلا  زاهج  يف  اندادجأ  مواق  ماع 1952  يف 

دعب نحنو  .نطولا  لجأ  نم  ةيحضتلا  يف  ةلثملأا  عورأ  اوبرضو  نم 100  رثكأ  رسأو  مهنم 50  دهشتساف 

نييرصملا بيذعتل  ةادأ  حبصأ  يذلا  ةطرشلا  زاهج  تاسرامم  نم  نلآا  يناعن  ةنس  نيسمخ  نم  رثكأ 

موي وجرن  ام  اذهو  بعشلا  عم  ةطرشلا  ماحتلا  ىلإ  زمري  هنلأ  تاذلاب  مويلا  اذه  انرتخا  دقو  .مهتناهإو 

امم ةيمسر  ةزاجإ  وه  رياني  موي 25  .ةدحاو  انتيضق  نلأ  نومرتحملا  طابضلا  انعم  محتلي  نأ  ةرهاظملا 

.مهلامعأ ليطعت  نود  ةكراشملا  نييرصملا  لكل  حنمي 

 

؟ انبلاطم يه  ام 

 

دحلا ةدايزب  يرصملا  ءاضقلا  مكح  مارتحاب  كلذو  رجفنت  نأ  لبق  رقفلا  ةلكشم  ةهجاوم  لولأا : بلطملا 

.بعشلل ةمدقملا  تامدخلا  نيسحتل  ميلعتلاو  ةحصلا  تلااجم  يف  ةصاخ  ةلداع  ةدايز  روجلأل  ىندلأا 

لوصحلا عيطتسي  يعماج لا  جيرخ  باش  لكل  يرصم  هينج  ىلإ 500  لصت  تاناعإ  فرص  ىلع  لمعلاو 

.ةددحم ةرتفل  كلذو  ةفيظو  ىلع 
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ىلع ضبقلاو  رصم  ىلع  ينملأا  زاهجلا  ةرطيس  يف  تببست  يتلاو  ئراوطلا  ةلاح   ءاغلإ  يناثلا : بلطملا 

ةرطيس ضرفب  بلاطن  نحنو  .بنذ  يأ  نود  تلاقتعملا  يف  مهعضوو  ةموكحلا  تاسايسل  نيضراعملا 

ذيفنتو .ةطرشلا  ماسقأ  يف  اهتسرامم  متي  يتلا  ةيجهنملا  بيذعتلا  تايلمع  فقول  ماسقلأا  ىلع  ةباينلا 

.ةيرصملا ةموكحلا  لبق  نم  اهمارتحاو  ءاضقلا  ماكحأ 

 

يف لاثمتم  رصم  ههجاوت  يذلا  ينملأا  تلافنلاا  ببسب  يلداعلا  بيبح  ةيلخادلا  ريزو  ةلاقإ  ثلاثلا : بلطملا 

دوجو نود  ةيلخادلا  ةرازو  نم  رصانع  وأ  طابض  دي  ىلع  تثدح  يتلا  مئارجلا  راشتناو  ةيباهرلإا  ثداوحلا 

.يوقلا عدارلا 

 

ةدسفم ةقلطملا  ةطلسلا  نلأ  نيتيلاتتم  نيترتف  زواجتت  ثيحب لا  ةسائرلا  ةدم  ديدحت  عبارلا : بلطملا 

نأ انقح  نم  .هبصنم  يف  نينسلا  تارشع  ءاقبلا  ةيروهمجلا  سيئرل  حمست  ةمدقتم  ةلود  دجوت  هنلأو لا 

.تومي   ىتح  دلابلا  مكحيف  ةطلسلاب  دحأ  دبتسي  لاأ  انقح  نمو  انسيئر  راتخن 

 

عم كرحتن  اننإ  يه  ةيادبلاو  ميلعتلاو  ةحصلا  يز  تلااجم  يف  نييرصملا  لكل  ةريثك  بلاطم  كانه  اعبط 

ةموكحلا هجون  اننإ  بعشك  انرود  هدو  ةموكحلا  ىلع  طغضلا  قيرط  نع  بلطم  بلطم  ققحنو  ضعب 

.سكعلا شم  اهتايولوأ  ددحنو  اهءادأ  ىلع  اهبساحنو 

 

تارهاظملا تيقوتو  نكامأ 

 

ةمولظمو ةقياضتم  اهلك  سانلا  .اناعم  سانلا  لك  دشحن  اننإ  وه  ةرهاظملا  فده  نإ  مهفن  اننإ  ادج  مهم 

لك يف  تاريسم  لمعن  نيزياع  هدك  ناشعو  اوكراشي  مهعجشن  مزلا  ىقبي  دلبلا  لاح  نع  ةيضار  شمو 

هد ةرهاظملا  ناكم  دحل  صاخشأ  رشع  نم  رتكأ  تاريسم  يف  ضعب  عم  لزنت  سانلاو  ةيبعشلا  قطانملا 

تارهاظم هيف  نلأ  انه  ةروكذملا  نكاملأا  ىلع  ةروصقم  شم  تارهاظملا  نكامأ  ةركف  ىلعو  .ادج  مهم 

ربعتو لزنت  كنإ  مهملا  .ةفلتخم  تاظفاحم  يف  تارهاظم  اهيف  مظنتيهو  اهنع  نلعي  مل  ةينات  نكامأ  يف 

.اهيلع ردقت  يللا  ةقيرطلاب  كبضغو  كيأر  نع 

 

ىربكلا ةرهاقلا 

اربش نارود 

ةيرطملا نارود 

ةرهاقلا ةعماج  مامأ 

ةيبرعلا لودلا  ةعماج  عراش 

ةرهاقلا ءاحنأ  لك  يف  ةيبعش  ءايحأ  يف  تاريسمو  تارهاظم  ةمظنم  ىرخأ  تاهج  هيف  ةمهم : تاظحلام 

.مهيل مضناو  رياني  موي 25  لزنا  ةيبعش  ةقطنم  يف  تنك  ول  ناولحو  ةزيجلاو 

 

ناديم وه  يناثلا  ناكملاو  رصم  ةطحم  ناديم  وه  لولأا  ناكملا  ةفقولل : نيناكم  ديدحت  مت  ةيردنكسلإا :

عراوشلا وأ  شينروكلا  ربع  ريست  ةيردنكسلاا  قطانم  لك  نم  لك  نم  تاريسم  كرحتت  نأ  ىلع  .ةيشنملا 

جرختس ىرخأ  تارهاظم  هيف  .طبضلاب  ةرهاظملا  تيقوت  يف  عمجتلا  طاقن  ىلإ  لوصولل  كلذو  ةيبناجلا 

: نوفيلتلا ىلع  احابص  دعب 9  تلاتلا  موي  اولصتا  ليصافتلا  ةفرعملو  اهنع  نلعم  ريغ  نكامأ  نم 

01521543978

 

يف كوبسيفلا  ىلع  ةوعدلا  طبار  يوازمح -  راوجب  ديدحلا  ةكسلا  عراشو  ينيثلاثلا  عراش  ةيليعامسلإا :

ةيليعامسلإا

 

ةيناثلا ةعاسلا  مامت  مويفلا  ردنبب  متاوحلا  ناديم  نم  أدبت  مويفلا  يلاهأ  اهب  موقيس  ةريبك  ةريسم  مويفلا :

ارهظ

 

ناكم يف  عمجتلا  متيسو  ةيروهمجلاو  ةيبعشلا  ةقطنمو  نوشلا  ناديمو  ردنبلا  ناديم  ىربكلا : ةلحملا 

ةرهاظملا يف  هنع  نلاعلإا  متيس  سماخ 

 

طبضلاب ةيناثلا  ةعاسلا  عمجتلاو  اطنط  ةنيدمب  ةظفاحملا  ىنبم  مامأ  اطنط :

 

ىلع ةوعدلا  طبار  ةعباتم  تامولعمللو  رياني  قفاوملا 24  نينتلاا  موي  ناكملا  ديدحت  متيس  جاهوس :

جاهوس يف  كوبسيفلا 

 

يقسنم ماقرأ  ىلع  لوصحلل  كمهت  ماقرأ  ةرقفل  لوصولاو  ةحفصلا  لفسلأ  لوزنلا  ىجري  نكاملأا : يقاب 

.كتظفاحم يف  تارهاظملا 

 

رهاظتلا تاداشرإ 

 

ظفاحن نأ  ىلولأا  نمو  انقوقحب  بلاطن  نحن  .فنع  ةاعد  انسلو  ملاس  ةاعد  نحن  .ةيملس  ةرهاظملا  ( ١

لصحيو انروعش  نم  انجرخي  ناشع  نملأا  نم  زازفتسا  تلاواحم  يلأ  بيجتسن  نل  .نيرخلآا  قوقح  ىلع 

ةيجطلب ةيوش  مهنإ  ىلع  نيرهاظتملا  ريوصت  وه  نملأا  فادهأ  نم  يسيئر  فده  .هيل  اوططخيب  امه  يللا 

ةايح ضرعي  وأ  نوناقلا  فلاخي  ءيش  يأ  لمعو  روهتلا  مدعو  سفنلا  طبض  بجي  .دلبلا  اوبرخي  نيزياع 

دارفأ يأ  دجاوت  ةلاح  يفو  .ةصاخ  وأ  ةماع  تاكلتمم  يأب  رارضلإا  يف  ببستي  وأ  رطخل  صخش  يأ 

غلابإو ةرهاظملا  لخاد  نم  يروفلا  هداعبتساو  صخشلا  لوح  لتكتلا  ىجري  فينع  لمع  يأب  اوموقيب 

.هنع نملأا 

 

دوهجلا تيتشت  يف  ببستي  ريخأتلا  .ةقيقدلاب  ددحملا  تقولا  يف  ةرهاظملا  ناكم  يف  دجاوتلا  ىجري  ( ٢

نملأا ىلع  بعصيو  ةرهاظملا  أدب  لهسلا  نم  لعجي  تقولا  سفن  يف  دجاوتلا  .ةرهاظملا  لشف  لامتحاو 

.اهعنم ةصرف 
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.كونبلا تاقاطب  وأ  صخرلا  وأ  تاهينراك  لثم  هجاتحت  ءيش لا  يأ  لمحت  تيبلا لا  نم  لوزنلا  دنع  ( ٣

رسكتت ةجاح  يأ  وأ  كتعاس  شبيجتم  تير  ايو  .ئراوط  يلأ  يفاك  غلبمو  ةيصخشلا  كتقاطب  لمحا 

رارمتسا ةلاح  يف  دربلا  نم  ةيامحلل  تيكاج  دوجو  عم  زنيج  وأ  يضاير  نوكي  لضفلأا  يزلا  .ةلوهسب 

لخاد هنلأ  ةريبك  هايم  ةزازق  هاعم  بيجي  صخش  لك  تير  اي  .ليوط  تقول  ماصتعلاا  وأ  ةرهاظملا 

.هايملا   يف  زجع  يف  امياد  نوكيب  ةرهاظملا 

 

ةعامج وأ  ةكرح  وأ  بزح  يأب  ةصاخ  تاتفلا  وأ  تاراعش  يأ  راضحإ  مدعو   رصم  ملع  راضحإ  ىجري  ( ٤

ةلادعلاو قوقحلا  يف  ةاواسملاب  بلاطن  اعيمج  اننلأ  نييرصملا  لكل  مويلا  .ةينيد  ةفئاط  وأ  ةيعمج  وأ 

.قرفتن نيزياع  شمو  ةيعامتجلاا 

 

مه نمل  ةيماملأا  فوفصلا  كرتاو  ةيماملأا  فوفصلا  يف  نكت  تارهاظم لا  يلأ  كلوزن  مدع  ةلاح  يف   ( ٥

.تارارقلا ذاختا  يف  ةطبخل  شلصحيم  ناشع  ةريسملا  وأ  ةرهاظملا  ةدايق  ىلع  ةربخ  رثكأ 

 

ةيبناج كراعم  يف  لوخدلا  وأ  ةئيذب  ظافلأ  يأ  مادختسا  مدع  ىجري  .اهيلع  قفتمو  ةدحوم  تافاتهلا  ( ٦

ىلع شيجلا  يف  هتمدخ  ءانثأ  هرابجإ  مت  دنجم  وه  .كودع  وه  شم  يزكرملا  نملأا  .نملأا  دارفأ  عم 

زكرت ناكملإا  ردقب  لواح  .تابوقعلا  ىصقأب  هتبقاعم  متي  رماولأل  هتعاط  مدع  ةلاح  يفو  رودلا  اذهب  مايقلا 

.يقيقحلا كودع  وحن  كبضغ  رعاشم 

 

بلاطن نحن  نينطاوملا  بقاعن  نحن لا  .عراوشلا  يف  رورملا  ليطعت  مدعل  ناكملإا  ردق  ةلواحملا  ( ٧

عراوش يأ  يف  فلالآا  تارشع  لوزن  ةلاح  يف  هنلأ  .رورملل  دمعتملا  ليطعتلا  نع  ملكتاب  اعبط  .انقوقحب 

.هيلع ملكتنب  يللا  هد  شمو  رورملا  ليطعت  متيس 

 

تير اي  .يد  فورظلا  يف  اوديفيب  باحصلأا  نلأ  كدحول  شلزنتم  ادج  مهم  رركأ  كدحول ..  شلزنتم  ( ٨

.تاشتاملا تقو  تاداتسلاا  لزننب  ام  يز  .ضعب  عم  اولزنت  كبحاص  دح  عنقاو  دح  عم  نوكت 

 

 

ةدحوملا تافاتهلا 

ديإ نوكنو  انفوفص  دحون  مزلاو  رصمل  نيلزان  انلك  .رهاظتلا  راكفأ  مهأ  نم  يه  ةدحوملا  تافاتهلا  ةركف 

مهتب يللا  اياضقلا  يد  نلأ  رقفلاو  ةلاطبلا  اياضق  ىلع  زكرنهو  انلك  ضعب  عم  تافاتهلاب  مزتلنه  .ةدحاو 

: اهيلع قافتلاا  مت  يللا  تافاتهلا  يدو  مهلك ، نييرصملا 

رصم ايحت  رصم ..  ايحت 

ةيناسنإ ةمارك  ةيرح ..  شيع .. 

ةيرح ةيرح ..  ةيرح ..  ةيرح .. 

كنيبو اننيب  ئراوطلا  كنيف ..  كنيف  ةيرح  اي 

يطاولا توصلا  انهرك  انحإ  يطاطنه ..  شم  فاخنه  شم 

بيغته شم  ةروثلا  سمش  بيبح ..  اي  سنوت  بعش 

نطو اي  كيدفن  مدلاب ..  حورلاب 

صلاخ ملظلا  انهرك  انحا  سانلل ..  لوق  كتوص  عفرا 

نييرصملا انحا  نينتا ..  دحاو 

نوهته شم  اندلب  رصم  نوكلا ..  زهو  قلخلا  يحص 

مادملاو صللا  بره  ماق ..  سنوت  بعش  امل 

روثي هلك  ام  بعشلا  لبق  روجلأل ..  ىندأ  دح 

شيفكتب ام  ميللاملاو  شيعأو ..  لغش  يقلاأ  يقح 

حوتفم باب  ةيرحلا  حورلا ..  يحص  يرصم  اي  لاي 

فوشت ىحصت  ايندلا  يلخ  فوخلا ..  يّدع  بعش  اي  لالي 

نيدلا مويل  يطاطيه  شم  نينس ..  دجمو  ةراضح  بعش 

ةمهم تانوفيلت 

نييماحملا عم  لصاوتلا 

نيرهاظتملا معد  يف  نيصصختملا  نييماحملا  نم  ةعومجم  مهو  رصم  يرهاظتم  نع  عافدلا  ةهبج  ماقرأ 

: مهقوقح ىلع  ظافحلاو 

0120624003 - 0129295510 - 0106701470

 

تارهاظملا يقسنم  عم  لصاوتلا 

0123077912  - 0105805657  - 01521543977  - 0102864919 ىربكلا : ةرهاقلا 

01521543978  - 0144584545  - 0182011578 ةيردنكسلإا :

01521543976  - 0172320006  - 01504665931 ةيلهقدلا :

01521543979 ناوسأ :

01521543982  - 0187606131  - 0119268243 ةيبرغلا :

01521543984  - 0103977677 ةيليعامسلإا :

01521921386  - 0104496590 ديعسروب  :

0144373186 طويسأ :

0177740064  & 0187627090 جاهوس  :

01521543983 فيوس : ينب 

01521921385 سيوسلا :

01512934066 رمحلأا : رحبلا 

01521921380 ةيبويلقلا :

01521543981 ةيقرشلا :

01521543980 رصقلأاو : انق 
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كمهت تاكنيل 

تنرتنلإا ىلع  ديعس  دلاخ  انلك  ةحفص 

بيذعتلاو ملظلاو  ةلاطبلاو  داسفلا  ىلع  ةروثلا  مويل  ةوعدلل  ةيسيئرلا  ةحفصلا 

تارهاظملا يف  نيكراشملا  ةيامحل  رصم  نييماحم  ةفقوب  ةصاخلا  ةوعدلا 

رصم   يرهاظتم  نع  عافدلا  ةهبج 

تارهاظملا يف  نوكراشي 

ةمتهملا ريغ  ةيرصملا  ريهامجلا  نم  نوكتس  تارهاظملا  هذه  يف  ربكلأا  ةكراشملا  نأ  ىلإ  ةراشلإا  بجي 

تجرخ ساسلأا  نم  ةوعدلا  نإف  اذهلو  .مهيسآمو  مهلكاشم  تسملو  مهتلصو  ةوعدلا  نلأ  .ةسايسلاب 

فده تاذ  تاكرح  وأ  بازحأ  يأ  عبتت  يتلاو لا  ديعس " دلاخ  انلك   " ةحفص نم  تجرخو  ةسيسم  ريغ 

ةيسايسلا ىوقلا  هذه  نلأو  ةدحاو  بلاطملا  نلأ  ةيسايسلا  ىوقلا  عيمج  ةوعدلل  تباجتسا  دقو  .يسايس 

.نييرصملا قوقح  نع  عافدلل  ساسلأاب  تماق 

 

ليربأ   بابش 6  ةكرح 

رييغتلا بلاطم  معدل  ةيبعشلا  ةلمحلا 

دغلا بزح 

ةيرحلاو ةلادعلا  لجأ  نم  بابش 

نيملسملا   ناوخلإا  ةعامج 

دفولا بزح 

دشح ةكرح 

ةيطارقوميدلا ةهبجلا  بزح 

رييغتلا بلاطم  معدل  يعداربلا  ةطبار 

ةماركلا بزح 

يحابص نيدمح  معد  ةلمح 

نويروثلا نويكارتشلاا 

يجاتلبلا دمحم  روتكدلا 

يناوسلأا ءلاع  ذاتسلأا 

ديعس دلاخ  ديهشلا  ةدلاو 

لضف للاب  رخاسلا  بتاكلا 

يريضخلا دومحم  راشتسملا 

دكاو ورمع  نانفلا 

بايد دمحم  جرخملا 

اجنلا وبأ  دلاخ  نانفلا 
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Appendix D: Twitter Topic Modeling

To conduct the topic modeling analysis of Egypt-based tweets we first divided the time frame around the

protests into six distinct periods. We ran topic modeling with five topics for each period, and manually

categorized these topics according to our evaluation of the types of information being communicated. There

was a degree of subjectivity to these evaluations, which is why we reproduce all 30 of the topics below. We

code a topic “opinions and slogans” if it seems to be articulating a set of prescriptive or diagnostic frames

about the state of Egypt and its capacity to change. Often these topics explicitly reflect the discourse used

during the revolution (like non-violence and a civil state) and make reference to themes that were central in

the protesters’ demands (like policy brutality). They also tend to reference important symbols (both positive

and negative) of the revolution, including the example of Tunisia, the killing of Khaled Said (a metaphor

for police violence), Hosni Mubarak and his close ally Omar Suleiman, and the influential activists Wael

Ghoneim. We code a topic “coordination” if its content refers to protest planning and logistics, including

the direct enumeration of event details (like protest locations, or dates and times) or the identification of

sources where event details could be found (like key phone numbers, Facebook pages, or Twitter handles).

We code a topic “news and updates” when its content includes information about events happening in real-

time, like dynamics of protesting or the actions of security forces. We code a topic “documentation” if its

content appears to be directly providing documentation of or linking to content providing documentation

of violence or brutality during the protests. We code a topic “referrals” if its content seems to be directing

protesters to another media outlet, usually a print or TV news source that was providing coverage of the

protests. “Other” is used for topics that do not fit well into any of these categories.

The first two periods, January 22-23 and January 24 are the preparations for January 25. Most topics in

this period, as can be seen are sharing of opinions and slogans, as well as coordination about the upcoming

protests. On January 25, news and updates dominates the discourse on Twitter. Opinions and slogans are

still widely discussed. Between January 26 and 28 Twitter is blocked in Egypt, however the few tweets that

appear in that period reflect similar patterns to January 25; users share news and updates and document

violence (particularly in Suez). Between February 2-10, during the sit-in in Tahrir Square, most discussions

revolve around opinions about the political situation, and the future of the protests. On February 11 Mubarak

steps down, and there is a huge spike in Twitter activity. The discourse on Twitter again mostly revolves

around political opinions and slogans.
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Date: January 22 - January 23
Topic 1 Topic 2 Topic 3 Topic 4 Topic 5
jan25 egypt jan25 يناير ᣆم

ᣢع jan25 عᘭد يوم jan25
egypt protest طة ᡫᣄال ᗷعد  ᢝᣢال

ᣢال عشان wael 2011 ثورة
elshahee الشعب واحد المᗫᣆة مظاهرات
sidibouzid tunisia مᘘارك أول ولا

توᙏس egyptian jan25 الحكومة الناس
 ᢝᣢع via الام اᘌام احنا

الشᘘاب  ᡧ ᢕᣌك ᡨᣂللمش ضغطا shmpongo mubarak
العرب ramyraoof وعᘭد الثلاثاء سعᘭد

Category: Opinions & slogans Coordination Opinions & slogans Coordination Opinions & slogans

Date: January 24
Topic 1 Topic 2 Topic 3 Topic 4 Topic 5
jan25 jan25 jan25 egypt يوم

ᗷكرة ᣢع ولا jan25 يناير
ᣆم انا الثورة protest egypt
 ᢝᣢال egypt alyaagad will غدا

jan25 ᛿لنا علᘭه tomorrow الغضب
واحد ᕚ الأمن mubarak jan25
ثورة elshahee الغاز carloslatuff الامن
اᘌه عشان مᘘارك ramyraoof أول

خالد wael  ᢝ
ᡧᣎعᘌ egyptian jan

نازل  ᡧ ᢕᣌᗫᣆالم peopl support طة ᡫᣄال
Category: Coordination Other Opinions & slogans Opinions & slogans Coordination

Date: January 25
Topic 1 Topic 2 Topic 3 Topic 4 Topic 5
jan25 protest jan25 الأمن egypt

أمام polic  ᢝᣢع المتظاهᗫᖁن jan25
دار cairo  ᢝᣢال مᘭدان ᣆم

jan25 jan25 الامن التحᗫᖁر egyrevolt
gamaleid now مᘘارك شارع shorouknew

طة ᡫᣄال tahrir ᣢع ᣢع freeegypt
الآن egyptian الناس جامعة يوم

25egypt peopl اليوم الدول مظاهرات
الشعب street عاجل متظاهر الجᗫᖂرة

أمن today المنصورة الان sidibouzid
Category: News & updates News & updates Opinions & slogans News & updates Referrals

Date: January 26 - January 28
Topic 1 Topic 2 Topic 3 Topic 4 Topic 5
egypt jan25 egypt alaa jan25
jan25 egypt مᘘارك  ᢝᣢال suez

السᚱᖔس egyptian لᘭه الشعب protest
ᣢع ᕚ لازم عاجل ianinegypt

jan25 ᗷلاش تتظاهر مظاهرات street
tahrir compani لحد asadx  ᢝᣘاد ᢔᣂال

ᗷعد minazekri leeh monasosh fire
ᣆم take ؟ ᢝ

ᡫᣓمᘌ  ᢝᣠوقا malek
mubarak حᘭاة jarelkamar المحمول video

المتظاهᗫᖁن محمد لأنك خدمات  ᢔᣂخ
Category: News & updates Other Other News & updates Documentation

Date: February 2 - February 10
Topic 1 Topic 2 Topic 3 Topic 4 Topic 5
jan25 ᣆم mubarak jan25 jan25
egypt ᣢع revolut egypt مᘘارك
tahrir الشعب protest tahrir التحᗫᖁر
3arabawi jan25 peopl ghonim jan25
new الثورة will egyptian cairo
alarabiyaar ᗷعد squar now مᘭدان
alarabiya الجᛳش today via egypt

أحمد النظام just wael freeegypt
almasryalyouma  ᢝᣢال armi dear سلᘭمان

هذا غنᘭم now pleas الرئᛳس
Category: Referrals Opinions & slogans Opinions & slogans Opinions & slogans Opinions & slogans

Date: February 11
Topic 1 Topic 2 Topic 3 Topic 4 Topic 5
25-Jan ᣆم 25-Jan tahrir egyptian
egypt 25-Jan egypt مᘘارك will
mubarak ᣢع revolut egypt peopl
tahrir التحᗫᖁر ᕚ 25-Jan protest
ghonim الثورة day alarabiya armi
now  ᢝᣢع thank alarabiyaar palac
cairo ᣆق celebr الجᛳش now
presid  ᢝᣢال سلᘭمان 25-Jan back
aljazeera النظام freedom freeegypt say

وائل مᘭدان live ᗷعد world
Category: Opinions & slogans Opinions & slogans Opinions & slogans Other Opinions & slogans


