Table S.1. Demographic and clinical characteristics of study sample stratified by clinical status and agea 
	
	 HIV+ older (N=6)
	HIV+ younger (N = 9)
	Control older (N = 5)
	Control younger (N = 10)
	HIV+ age comparisonb
	Control age comparisonb

	Demographics
	
	

	Age
	55.5 (5.89)
	30.67 (8.17)
	53.2 (4.15)
	33 (9.29)
	Z = -3.185d
	Z = -3.073d

	Male (%)
	4 (66.7)
	9 (100)
	4 (80)
	8 (80)
	(2= 3.462
	(2= 0, p = 1

	Right-handed (N)
	5 (83.3)
	8 (88.9)
	5 (100)
	10 (100)
	(2= 0.096
	(2= 0

	Education (years)
	16
	13
	13 
	13.5
	Z = -2.02c
	Z = 0.321

	Ethnicity N(%)
	
	
	
	
	
	

	African American
	2 (33.4)
	2 (22.2)
	1 (20)
	1 (10)
	
	

	Asian
	 1 (16.7) 
	0 (0)
	0 (0)
	0 (0)
	
	

	Caucasian
	3 (50)    
	4 (44.4)
	2 (40)
	6 (60)
	
	

	Hispanic
	0 (0)
	3 (33.4)
	2 (40)
	3 (30)
	
	

	Neurocognition and affect

	GDS
	0.3 (0.35)
	0.33 (0.24)
	0.26 (0.27)
	0.31 (0.27)
	Z = 0.711
	Z = 0.185

	WRAT4 – standard scorese
	106 (13.1)
	94.78 (5.89)
	112.2 (13.54)
	102.7 (12.25)
	Z = -2.366c
	Z = -1.479

	BDI-II total score
	15.33 (10.67)
	6.67 (7.57)
	3 (2.35) 
	2.8 (4.71)
	Z -1.769
	Z = -1.035

	BDI-II FS score
	4.5 (5.96)
	2.22 (3.23)
	1.6 (1.67)
	0.9 (1.91)
	Z = -0.673
	Z = -1.097

	Indicators of clinical and treatment status

	ART currently prescribed (%)f
	5 (100)
	7 (77.8)
	
	
	(2= 1.296
	

	ART never used (%)f
	0 (0)
	2 (22.2)
	
	
	(2= 1.296
	

	AIDS status (%)
	4 (66.7)
	1 (11)
	
	
	(2= 5
	

	Indicators of HIV course

	Duration of infection (months)
	143.17 (110.24)
	38.56 (42.46)
	
	
	Z = -2.239c
	

	CD4 nadir
	199.17 (128.7)
	383.67 (198.53)
	
	
	Z = 1.419
	

	CD4 current
	449.67 (226.52)
	654.0
	
	
	Z = 0.943
	

	HIV RNA plasma (range)g
	2.04 (0.81)
	2.16 (1.13)
	
	
	Z = 0
	


aContinuous data presented as means (standard deviations)
bResults from Mann-Whitney or Chi-squared tests with Monte-Carlo estimation of the exact distribution (number of replications = 9999) under the null hypothesis for continuous and categorical variables, respectively. 
cp < 0.05, dp < 0.01
e WRAT-4 standard scores, with mean of 100 and standard deviation of 15
fMedication was prescribed within 6 months of scan session. Data on medication status was not available for one older HIV positive participant

gViral load is reported in log base 10 copies per ML

GDS = global deficit score; WRAT-4 = Wide Range Achievement Test (reading subscale); BDI-II = Beck’s Depression In-ventory, 2nd edition; ART = Antiretroviral Therapy
Preprocessing of resting-state fMRI EPI data

RS-fMRI BOLD data were preprocessed using AFNI (Cox, 1996) (http://afni.nimh.nih.gov/). The first 4 volumes of the EPI sequence were discarded to allow for stabilization of tissue magnetization, after adjusting for magnetic field inhomogeneities through application of echoplanar fieldmaps (Greve, Brown, Mueller, Glover, & Liu, 2013). Outlying data points in each voxel's time series were subsequently truncated using the default implementation in 3dDespike. The EPIs were placed into standard space at a 3 mm isotropic spatial resolution through applying a warping matrix generated by the non-linear registration of the T1 dataset into Talariach space, using the ICBM452 template provided with AFNI. Motion correction was simultaneously implemented as part of the same step (thereby minimizing data smoothing), through aligning the entire 4D EPI volume to the 3rd volume by means of the application of affine motion correction parameters created using 3dvolreg. The accuracy of the registration process was confirmed through visual inspection. Finally, the T -weighted (BOLD) time-series images were spatially smoothed using a seven mm FWHM Gaussian kernel.
Nuisance covariates were addressed by constructing a design matrix with 3dDeconvolve that included columns for the mean, linear, quadratic and cubic temporal trends in the time series, as well as for the 6 rigid-body motion parameter estimates and their first-order derivatives. Mean BOLD signal from lateral ventricle seeds was also included as a nuisance regressor. The seeds were created by placing seven non-overlapping 10mm radius spherical seeds within the lateral ventricles of the ICBM452 Talairach template, and for each subject, generating the BOLD time series from those parts of the seeds that did not intersect with subject-specific white matter (WM) or grey matter (GM) tissue segmentation masks (generated by AFNI’s 3dSeg, and eroded by two 1mm3 voxels to protect against partial volume effects (Jo, Saad, Simmons, Milbury, & Cox, 2010).  The spatially smoothed EPI dataset was subsequently modeled using 3dTfitter within a general linear framework, as a function of both the design matrix as well as localized estimates of WM BOLD. The WM regressor was generated using 3dLocalstat, as part of the Anaticor preprocessing pipeline (Jo et al., 2013). This involved averaging the time-series for voxels lying within the previously generated WM mask and that were contained within a 90mm diameter spherical mask, centered at the GM voxel. The residual time series after nuisance regression were used as input for all subsequent analyses.
A band pass filter in the range commonly employed in resting-state fMRI (0.01-0.1 Hz) was not applied to the EPI, as it is unable to remove the cardiac and respiratory induced frequencies that are aliased in the resting-state band at high TRs (> 1 second). Band-pass filtering may in fact bias RS connectivity estimates through introducing autocorrelation, unless corrections are applied (Davey 2012). 
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Calculation of the global deficit score (GDS)

Raw scores from individual cognitive tests encompassing the domains of verbal fluency, executive function, motor function, working-memory, information processing speed, learning and memory (delayed recall) were first transformed to T scores according to established norms that had been adjusted for differences in age, gender, education and ethnicity, where applicable. The T scores were subsequently converted to deficit scores using the cut-offs described in Carey et al. (2004): 

0 = normal [T >= 40] 
1 = mild impairment  [T = 35-39]
2 = mild to moderate impairment [T = 30-34]
3 = moderate impairment [T = 25-29]
4 = moderate to severe impairment [T = 20-24] 
5 = severe impairment [T <=19 ]
GDS was calculated as the average of these deficit scores across all tests, with a score equal or greater than 0.5 used to classify participants as cognitively impaired (Carey et al., 2004).

Carey, C. L., Woods, S. P., Gonzalez, R., Conover, E., Marcotte, T. D., Grant, I., . . . Group, Hnrc. (2004). Predictive validity of global deficit scores in detecting neuropsychological impairment in HIV infection. J Clin Exp Neuropsychol, 26(3), 307-319. 
Table S.2. Neurocognitive scores by domain

	Domain
	Test
	HIVa
	Control
	Statisticb 
	ES  (95%CI)c

	Motor

	
	Grooved Pegboard (dominant)
	65.87 (10.38)
	64.13 (11.03)
	t = -0.430
	-0.15 (-0.88 , 0.58)

	
	Grooved Pegboard (non-dominant)
	73.87 (13.85)
	75.33 (26.06)
	t = -0.450 
	-0.16 (-0.89 , 0.57)

	Speed of information processing

	
	Trails A
	28.53 (8.37)
	27.33 (10.48)
	t = -0.784
	-0.28 (-1.01 , 0.45)

	
	Digit Symbol
	73.67 (15.82)
	67.20 (17.7)
	t = -1.302
	-0.46 (-1.2, 0.28)

	
	Symbol Search
	33.2 (9.42)
	33.8 (6.84)
	t = 0.369
	0.13 (-0.6 , 0.86)

	
	Stroop Color
	73.00 (12.46)
	74.73 (12.75)
	t = 0.204
	0.07 (-0.66 , 0.8)

	Attention/Working memory

	
	PASAT
	32 (8.04)
	36 (7.92)
	t = 1.462
	0.52 (-0.22, 1.26)

	
	Spatial Span
	16.20 (2.91)
	16.73 (2.60)
	t = 0.496
	0.18 (-0.55 , 0.91)

	Executive Function

	
	Trails B
	78.07 (35.32)
	65.67 (20.79)
	t = -0.678
	-0.24 (-0.97, 0.49)

	
	Category Test
	57.60 (32.36)
	46.13 (15.39)
	t = -0.868
	-0.31 (-1.04, 0.42)

	
	WCST.Perserverative.Responses
	9.80 (7.07)
	10.14 (6.42)
	t = 0.577
	0.2 (-0.52 , 0.93)

	
	Stroop.Color.Word
	40.47 (10.23)
	44.80 (9.53)
	t = 1.621
	0.58 (-0.17, 1.32)

	Verbal

	
	Letter Fluency
	39.60 (13.10)
	43.67 (12.05)
	t = 0.741
	0.26 (-0.47, 0.99)

	
	Animal.Fluency
	20.69 (4.24)
	22.4 (5.54)
	t = 0.703
	0.25 (-0.48, 0.98)

	
	Action Fluency
	16.53 (5.44)
	18.93 (6.31)
	t = 0.912
	0.32 (-0.41, 1.06)

	Learning

	
	BVMT total learning
	23.13 (3.81)
	24.60 (5.38)
	t = 1.218
	0.43 (-0.3, 1.17)

	
	HVLT.Total.Learning
	25.60 (3.31)
	26.87 (3.40)
	t = 0.958
	0.34 (-0.39, 1.07)

	Memory

	
	BVMT.Delayed.Recall
	9.60 (1.72)
	10.07 (2.09)
	t = 1.013
	0.36 (-0.37, 1.09)

	
	HVLT.Delayed.Recall
	9.40 (1.84)
	9.33 (1.91)
	t = -0.083
	-0.03 (-0.76, 0.7)


a Statistics reported as means (standard deviations)

b Non-parametric Welch independent t-tests for ranks conducted to account for non-normality and inhomogeneity of variances

cCohen’s d effect size estimates, derived and corrected for small-sample bias using the compute.es package in R (Del Re, 2013)
BVMT = Brief Visuospatial Memory Test, HVLT = Hopkins Verbal Learning Test, WCST = Wisconsin Card Sorting Task
Del Re, AC. (2013). compute.es: Compute Effect Sizes.  R package version 0.2-2. http://cran.r-project.org/web/packages/compute.es

