Data-Centric Engineering
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B.

Table 2. Hyperparameters of single-layer linear model, single-layer random forest model, and
two-layer random forest model. Name of each hyperparameter in Scikit-learn is in italics. For each
layer of the two-layer random forest model, hyperparameters are identical.
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Number of trees
. - 200 512 512
n_estimators
Maximum number of features
8 3 6 13
max_features
Minimum number of samples
requiblack to split a node - 2 2 2
min_samples_split

C.

Table 3. Relative feature importances of input variables (columns) for pblackicting each target
variable (rows). Darker shades of pink correspond to higher feature importances.
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Carbonation 5y 998 023 000 008 000 035 000 0.06
coefficient

Environmental o 04 045 027 024 000 000 000 000 000
impact

Compressive 56 022 019 000 000 022 022 000 0.09
strength

Density 0.11 000 028 000 022 000 000 039 0.0

Cost 0.00 050 0.00 035 0.15 0.00 0.00 0.00 0.00
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D.

Table 4. Assumed embodied emissions and prices of constituent materials. Sources: Fibo Intercon,
2019; Jones and Hammond, 2019

Material, i kgCOse/kg, e £/kg, ¢
Cement CEM ITIA 0.799 0.089
Cement CEM 1 0912 0.089
Gravel/Sand 0.007 0.018

Water 0.0008 0.007




	
	
	
	

